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Fashion Consumers’ Continuance Intention to Use Al-driven Personalized Shopping Services
-A Value-Based Acceptance Model Perspective -

Soo-kyoung Ahn'
Dept. of Clothing & Textile, Chonnam National University, Korea

Abstract: Artificial Intelligence (Al) is rapidly reshaping the fashion business, fostering innovation across trend fore-
casting, product design, and customer service. In particular, Al-driven personalized shopping services have emerged as
essential tools for enhancing and optimizing consumers' shopping experiences. This study aimed to understand fashion
consumers’ adoption of Al-driven personalized shopping services by applying the extended value-based acceptance model.
Thus, this study investigated the impact of perceived benefits and sacrifices of using Al-based personalized shopping ser-
vices on perceived value and continuance intention. This study also examined which characteristics of Al-based per-
sonalized shopping services influence perceived benefits and sacrifices. A nationwide online survey was conducted to
collect data from 492 female consumers in their twenties who had utilized Al-based personalized shopping services on
a fashion shopping platform. Higher-order structural equation modeling was employed for data analysis. The findings are
as follows: First, perceived benefits enhanced perceived value, whereas perceived sacrifices diminish it. Perceived value
subsequently determined the continuance intention to use Al-based personalized shopping services, Specifically, per-
ceived benefits had a greater impact on perceived value than perceived sacrifices. Second, omnipresence, accuracy, exper-
tise, recency, and playfulness enhanced perceived benefits, whereas social presence alone affected perceived sacrifices.
This study provides theoretical and practical implications, highlighting how fashion retail platforms can plan Al-based per-
sonalized shopping services to maximize the fashion consumer experience value.

Keywords: Al-driven Personalized Shopping Services(Al 714+ 71918} £:3 AJH]2~), Value-based adoption model(7}] 7]
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A sG] HAIES mE SE= YISl Slth ZARAE
TR} EAEE Hetate] e eSS dEaket Al
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(Jayapal, 2025; Teepapal, 2025).
old HellM A =Y FHF 71
5} o AMu|aE B SYE Y AA4Y

= f—%iﬁ}l, Fo}
7 2RAES] 7IE FEAIA B2 a3 FES S
slek ¢ e Wlg- T8g Aotk 2y JidskE I
73S A&k olgfs Avlae 34 HRe| Sgo] I
Zlo]7] wj&ol(Aksoy et al, 2023), & olol] ths] FHA
Q1 Wk} BlEo] 1<l vk T vEkd 4 9tk w
2}A] AL 719F 7i18) £ego] whkEA| 73}, kel Sl & A
Ao, &RjALE0] o]F of¥A AZetar &sk=Alol it Al
AZRl &l 9 ET) 53, JiRle] A AY, ks
olm|x] Fo| ulje] & °ﬂ% ux= AEe] A4S 1EE
o, ZujRke] NEF Qs FFAE & e Al 719 7RISt

r-{m

23 AU 8o gt 03_;: o738t ofollM PrHlow
FaElojol & HAlE} & 4 Ut AAE WY A} 2028
A7A) w4, o5, g FEA A 2,7509 28] I
o]9]S A= Aolgl= McKinsey?] WW-2(Harreis et al.,
2023) 71 = A EHY EFREES] 454 =94l o
2} 29| AL 719k 7§18} &390 7157t G S-S B
AT Stk AT Betal 7189 AFES Al FHAIE
dl(Jang & Lee, 2024; Kim et al, 2023; Kim & Rhee, 2023)
oL} AME (Hur & Kim,2022; Jeong, et al.2020; Kim, 2024)
T 22 JNE AR 71~°ﬂ T2 JFagdet. H2o] 5
A e FAFol AEAM, I, ERac 7P E, AR

5 MR AVISE Ave] 7 obel A Hges A
FohL Y BAS UYse], B ATE 54 7152 Wold
YR A0S AL 7 AT 23 A gl 2HL
9 gk,

olol] ¥ T AL 71N IS &Be] Am|% FEAL

Gt Aol gorol] FFE Xl f91ES W W]
A3 7A7 1R g R (Value based adoption model: VAM)S
gdale] Agslara} st VAM 292 Technology acceptance
model (TAM)Z HBEE HFHQ 7erdol8de 2, o
5 913 7ls ARAPE obd Al &SHIAE 7l o] 8AE
Aejape, 2Rt A2 7] e S el A
ZA € 7Rl e Vs go] AR EE HHS duehe
o]Zolt} (Kim et al, 2007). AIZ|8t 7213} £33 Afu]Ao)
A, A7 30l AVIEol el =9, Wdske 27
Aol B2 AlE &89 &7e] THAQ Y B8 744
Ql 845 B v#shs VAM Bd2 AHREe] AR )
{18} 479 Z]—“ ARG = -ﬂro%]*—tﬂ 2% %L Zlo ]‘3}. w2}

w2e) slels) 4*301 ANA T AL o1 ool
oA L A kg AR, 7le] HAPASE Al
718 7913} &3 AMu|Ae] EXHSE Zrsle] 7129 VAM
w9g Bgtony Azkd ddd sAe Adare Al 7w
RIS}t &g BAS Weuiarat gtk ol= Al 7|9k 7i<ls)

2. O|EH Hi&

2.1. Al 7|4k 7Hols} AT Mu|A
Al9] AL e 7]Y9] vAE L BE AR
3 S FAlA o R HSIA|AL Jlon, 58] RiEAeR
RS ST = e A3 B S TIESIskaL
sk 7RIS FAlol ASE T AREARS] el B &
=0l Mu|AE xAsle] wEdels 710 2 (Smeaton &
Callan, 2005; Tong et al, 2020), AIZ]¥t 7§13} &3-e Al
7} A aMEH, ASE, U=, B4 58 w5t 7+ A
oAl #HAste JEH Sd=E AN Z AASH dezt

}~ W]*i Aol 4 Ut 34—3 U] SFERETES

ol

o

3L

o

*J%M S ehhash 919, A% 505 b 4
A, FEDAE 712 B Aol AN $EE

A48 AlE 283 e °d.°1 %"é, olulx] 5 tiekat ¢
kAo B3 w7jo] Yals AES A o} F= 7%
S el oz Ao AdAlz, oju|o]e] ko]
olo] st 53], 77 49| ‘Al A4 Hel= )5 A
SRt EAA G AE, 2 AELS HASPE, ARk 1A
=g Aets] defete] BHqe Gl ATt AFe] F

7, 24, 715 52 wdE HYZE Aros AgAsle, /19
SRR dES s ARE ATtk B4, Al 3 A
2= 39 A A B FfolEs AFsoR Aste] THS]
o] el st FFS AR Ajleks 7ed Hal=y

‘Interests= 20] L AoE ARgate] ARle] BAAL 7HA
Agh, MEwe] o= 79l BEd 4% ZEZES A A
L2007 ot AEOIE sl o] AT Tt A, A
Y FH, IR EE UeFo] /dste AN =
o =38k 4= i (Amazon, 2025). A, BJH-Q kS 5
e JEBRE AVF B E9] BHF0F 2955 A4
2H, ado] RE ZRE HF I waw Al&3ia
gl AFS T F AES hs V5o, olgg A
25 CRZE, 97, ofnf FoA AF=a Sl YA, 7t
74u e o] Aelgt FES oy o] Alxlel| A
slod A 2Hg3t B nlE] RolFE 7)soln) o0&
“Al Z2grolu} ote] i BEre 71E aYE o] 3}
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ZomAle| 3 ARRIE A83) 7P 2E AP Al
Z9] “VIRTUAL TRY-ON"Z theksl w5l
o|2F wkget Bdl oju|R]o] MElgt FES ds E T U=
AR S AlFgi), rRRRto R Al RS
o17ke] WEtE AlEgloldsta A3 Akesle 7]%;?; =7] A
Ho] FEAE el whwsl s "z} oF =4 "R
°ﬂ el Eeat As SHshe LA H|ze] £ %—E]S{it% A
= 2, HIoe oEe] ‘Fu & (Rufus)MH s 9
oJafistar I—9~XM Qg ylotsle] FE g gHe &
5;'% ARES A5 TE AlEAe] v ARE A
ol9lo= 118719 Al EA HE2i)=
ﬁ A= o] Al tish SNS ZERde]
I3 giglE T8l wkested AFEEAs) Tl

ﬁd

ofl rfl o

s AT
Al WEEA] F7VekaL glom, 53] Al FAIERlw) ﬁ%ﬂ
dolut A2 FHo] o]k, WIEE, Fx MX= 4
o gk A7F FE o]F Urk FAZLE Al F3AH]
o] &9 = (Chun & Han, 2024; Jang & Lee, 2024; Kim et
al., 2023), &H])A}F Tx(Lee, 2024; Park, 2023), SIA|OIXHE
(Akdim & Casald, 2023)2} Al ¥ FEO T (Hur & Kim,
2022; Jeong et al., 2020), X|&0l- &% (Cho, 2024), ZH=
9} WHEEL (Chen et al., 2023; Park, 2023), QIAO|AHES} 2|
&l e) % (Lee & Park, 2024), AR 38 <4 ©]-&2|% (Heo,
2023)2} AR£:¥ Fufe%:(Erdmann et al, 2023), 2UlE 2
AduA 4=8-9]%=(Cao et al., 2022), 27943 AH]A o]&-o
(Yoon & Lee, 2021) 5°] St}
e oA AFE AAE, H2o] oA FHd EFHE %
@ 715l FekelA] oL, aAe] Loyl whEt thgd
TES YR AFFEN Al 76k 7RIS} AH] %

o =

=

a9l ool B AT oleld ¥l 15 Lo
_%

[» oot Jm 12

—lelo

=

i=4

48 ol A 245 ALY
obs}aa} wit.

2.2. 71x7 |2 e

A7 REe Batd QIEjYle] 8o hEl Agtg
Kim et al.2007)°] AEA<] 7| Rd(TAM)E 3% 7]
STEEY(ETAM)] SHAE AF38h At o]8o g, Ve
78S T3 BE F U= P (benefityd ol 3N Faiok
sl 3| (sacrifice)l] ]3] AR E FAA 7HA](perceived
value)oll 93l 4~8-31% (adoption behavior)e] A E-S A3}
I ATk ol o] A e AE Hwro g A e
£ 1]-&-3)9 (cost-benefit) AEA FHeTIUS 72O R & A
O 2 (Chung & Choi, 2024), 1529l 7|egrdo] 7|&
|5 SAA HEE 7P e S e AR
Felolvr 27e B Aol vsl, VAMS S Sy
2Eske 2dolti(Jang & Lee, 2024). 3, VAME 2l

o2

T AL 20 RS A B 87t ohd Aol
A BHS 95 71%S Feohe AuAYS AEHTHKim et
al, 2007). °o|¥ o]f= VAMS WEH A Z#E(Jeong &
Kim, 2022; Koo & Kwon, 2024), VR #Z(Lee & Kim,
2021), Al oJA|Z=E1E 9 AMH]2(Jang & Lee, 2024; Kim et
al, 2018), =784 d(Kim, 2023), 2rlY 23 HA(Thee et
al, 2024), VR £ AH]2(Na & Jeong, 2022), A Al
8] 2~(Sun & You, 2024), I ZAA|(Shelvia et al., 2020)
S TFE HA 7]z M)A el dEE Aol 2850

AL 719 71918 4 Mulse e Heka Aol 4
F2l 271906 glom, olol we} 2w Al
299 599 A BE, A 4 D AN 7}

o) ), wepd aEs SAe THeE VAM BEe A
ulAEe] Al 71 AlRlsh &% A4 Al eg ekt 4
& oIt}

}.

nz?i' = 011‘ m{m fie)
d

22.1. A7 7|9} K| &o) o=
VAMeIM A 2H4 7HA= 88
A7F A71ze] sE SIS Hlaste] Wl HRkAQl %
om|&hH (Kim et al., 2007), F2F tiH] 5ol djg 7H°
Q1202 Eolt Aulze] §-84el e Wk @
tHChung & Choi, 2024). ©] H7lol wlg} A7]1&2] x44
AHgol AAEER VR, AL HERIZ 5 A7l g0 2@
AT F2 ORolArh. AGAHESmE JFoNt Au|2g
A&H o7 A3 E 29X 9] JE=(Kim et al., 2007)Z, A&
x_%lo /‘}‘Q*-O‘ ol}\];ﬁ 71& _PQ_O] o]_b] ZP7]X40]7 ;q_x_x%o e
$IBe TPA} FHe] AN A4H A9 S1ERE
o Zhe] w7 ?l/——'._‘—(Kim et al, 2019; Lin et al, 2012;
Sun & You, 2024)°]u} Bl =(Al-Abdullatif, 2023; Hsiao &
Chen, 2018 Kim et al., 20177} £Y4E7= 3A|gH o2
AellM A2H 7HRE 71ea-8 ome] A ARE 7]
FETHKim et al., 2007).
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222, A2k &

VAM Zdlo] A e 4e Ve 58S Bl 48 5 3
= g3 ol 3l P HOkoF slAolt}, o] F Qe 9
3 HREEQl 77 AR EHER, VAM Bds A8-3F A
TS = g gae] Bdxdo] ofd tRIIZ QI Jd e
2 750 Y= Ae 1T 5 Uk

A2t g2l 73%-, VAM 292 A|9HIE Kim et al.(2007)

£ 91X 7}o] E(cognitive evaluation theory)S 7= A4/
A F710lA 71R15 =R 88 (usefulness) A2 /4
AA 5715 7= 3t 289 (enjoyment) 3ES A5G
5

et al, 2019; Shelvia et al, 2020; Yu et al, 2019)°] °|&
JUE 8313 9tk 3, Heo(2023)E 37484 7wt 9d)
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Q) A Ao AH2Y Rz digh AR F2S
oJujehs ZFAL] XS F718IH2H, Lee and Kim(2021y=
VR #374F AolM #7874 thal 204 EA7S, Akdim
and Casal6(2023)= Al 7]¥F 4 A2 A-FoflA] Hely
(convenience), % ~J (compatibility), 711 <13}(personalization)S
AABl A7l el wet gdE F SS BT
AL} oldf E AF= THo|EE AR AAA, 1A A
of ARBJA RS FUketat gtk HAl 7|ee 82 T
AFEES] 7l 5 AR QES wES B9 ofL]2l(Venkatesh
& Morris, 2000), A 2HY S&Fo] &2B|A7L AL 71%E 7
A3} Ar|2=e] AaEQl 2E Y ovA] 55 BRI THF
oBM A A 2 AR TRE S5 A
g AlFsl] weltt. oebA] 2 A= Al 71 i
3 Auz=e] A7k sglel] B84, A%, A1 HY
7 g xgste] duE A} gt

B84 (efficiencyy> Al 715k 7HQIs} £33 AR5 F3) 4

T e A84 Yoz, g AQFE AB} =85S
Aeto] WE3 829l o] TR S 71TA, =
2 ol g omlgitt. Al 719 /HIS} £ AfE]Z= HR1e
=3t @ A FAo 545 oA E o)& A, A
A 3ld 7152 B3l s 3 wEA 2d ¢ 4
= w9} ol A (task accomplishment)e} wHAH
oA o] A== (product quality)’l'dS Z3$H3F Kim et al.
(2007)8] 7874, 287 F71& 73=% Jang and Lee(2024)°]
BEAY 22 gon thre] Mdeidtella] A ZkE 7] (Heo
2023; Kim et al, 2018; Kim et al, 2023; Sun & You,
20240 R E(Cao et al, 2022)° 93 G- R
Atk

72 Aot g1 T ol &HA GA He sRA] 7
A A¥olH(Jang & Lee, 2024; McLean & Osei-Frimpong,
2019), AHIEE o] &3t =7l= WAIF ol A<l S™
oJth(Kim et al., 2007). E7e-2 As@ 7HQIMIA AH]= AL
£(Kim et al, 2018), AR 7]t 38 o Z]# o] A (Heo,
2023), Al FHA|ZEl(Jang & Lee, 2024; Kim et al, 2023)
T AL 7|9 IS} & Au| 2o} A 7|ee] 8 A
B AellA Ak 7RO feldt S A a%lew &
A=ALH 2 AFolx= Al 714 7918} & AH| 2] B4
o] ofd, AMHIEE o]g3hs MRl &% A7 E3th
RN EE BER At

A¥8]4 H¥(social reputationy> AH|RZF Al 718k 7He1s}
23 MHIEE o] §Fo R Al AL ou]R], A9 F-2
AR FRlo] FEThaL 1XskE AE oJnlsiH, o]= Sheth
et al.(1991)9} Sweeney and Soutar(2001)°] #|AJgH AFS|A 7}
%)) 7idell 7]1%3} Gan and Wang(2017)2 AH|x}7} A
Solvt EAFI 22 AEA, A TRE B2 ekl A
SaRgo AT 22 ARBE TIAE FEal 388t
w A o]g9] el o X, AlSlA 9l Fo

~

lo

B X 40w al

o
)

UleS 33t ARElE 7HXE ESHAIZTE Mclean and Osei-
Frimpong(2019) &4 AM&A7E Al S43H1419] o] 8-S &3 et
AeAl mo]&Ql S = F Utks HolA A mge=s
AaskA Hohal Fsh, ol& A dgoz dsleid
t}. ol9lo= ARZUIE QHF(Rauschnabel et al., 2018), &
2uld wrjo] Mu]2(Youn & Lee, 2019) 5 7]& &3 ¢
Fo] AFolA Al71ee] TAZRI gl AElE 71x] S

2 sglo] XFEN oM, o]efdt AREA S| Fglo] v,
71e 78, ASAMEO R, Tl fod FES vzith=
o] ERI=Urt. mEbA Al 719k 7HQ1sE 438 A{H] 29| o]

p

] S

=4

o aulxe] ASIH B F, T Y, AEH £, A1)
2 ojulx) sjAe] slEle] Qlom ol Al 7ut Aielsh &3
Ap12se] olgo] Tig 2wl Fhx)s} X|gol go)wel Fake

223. A7td 34
z7] VAM Edolr ] x)zkg 3A)e F43, 8] S8
S BT ¥t} Kim et al(2007)S S84 3o
AzbE vE-g, v 217 o= 7S AdsIdE, o
= ATl makd AEfle] fEollr] 2F AEo] FH
7] wjiEolt), wgh F712Q F4F v)go] Q7ER] ok
& 88 UE HE Aelres 13U xdo] A,
Al 71e B w2 U2 xEe] Y= S Lee
and Kim(2021y= VR #3733 AolA] A4 w2745 7]
%2 Bg4S ) Chung and Choi(2024)¢] HWEM A -8 AF
AME AzHE A7k AR 18-S, Akdim and Casald
(2023)= S/HIA ] F3 A2 Apela] QIXAH =} AL
38 23 E, Jang and Lee(2024) A Al F3HAMH]) 2 A
oA AR F T BEo = 23 ArHle AA & I
A Y ZEo] AFse Al 7|Wk A28t Mujze] AL
o] 8-S 93k F7HHl Fx3 Hlgo] EX gy, AN
o, A AR T MAAFRE 7|22 Mu|2rt AFE7]
< F AN, o] 8GN 2

L =Y & 7 o
A

[¢}

2 7184, A7, ZetelwAl 18-S 2FAZITL

Z1EAold AR 7)ol ARl Al HHoA 7wH L
2 S Q¥ EHE AE(Kim et al, 2007)%, AMZL 7]
<0 4L A 71E ARAIAIE WS- sk Al
| 223k ou)dtKLin et al, 2012). °]&
ANZE A" AREAZE 1Al 7|ee] B3} fAlet 7R
WO 2(Kim et al, 2019), MEL 7]&S WolESol=d Hol&E
o] ¥7]% 3KKim et al, 2007). W AFAE wat
710l 8¢ olel¢ HE(Akdim & Casald, 2023; Jeong &
Kim, 2022; Kim, 2023; Kim et al, 2019; Lee & Kim, 2021;
Lin et al, 2012)4 & A =(Kim et al, 2007; Kim et al.,
2018)2 ©]= =43l Utk VAMES 83 thgre] AtoA
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A7k 71 gk 71 dEkel ERIEA S VH(Kim et al,
2018; Lee, Choi, & Kang, 2021; Yu et al, 2019), 9% <
TolME 2Eg Fao] FolshA] ¥ 2 o2 LERRTE (Heo,
2023; Jhee et al, 2004; Lee & Kim, 2021). ¥ AFojr=
71%7/38 Al 718 7iR1S} & AH|2 o] gsle WHS wig
= H a3 QXA =ge] xR Aosfe] o]&uhHe| B
4, oElE, olBlE 9l =go] ot A== FAslua) g
ok ok, S el SEelA AL 719 RIS 43 A
HIZE G302 o]&3ap] fleire 4ol 713 &84
o thgt o7} o=

=
_= =

7] SlaiAe e Aol Aue] Pzt 23
ﬁ]

It SARA AL SISk ofed /A ol
AZA, dolE 54, A% 2L AARR g 754 5

Q1¢] zElolHAIE el %‘% AR WS EHe 9%
= 3)tK(Teepapal, 2025). A& Q

gEo] RUEY 9 79} 7he oA %*% Al 715k
A FEMH|IA(Kim et al,, 2023), 2] &3 AFHA2E)
(Chun & Han, 2024; Jang & Lee, 2024). = E}H| 22(Chung
& Choi, 2024), Al 244 (Akdim & Casald, 2023; Pitardi
& Marriott, 2021) 5 /IR E Fg3h= 71EoL}t Mu|x
Aol Fagk sAIeF tFA ghon, AR AHxt

of Azke 7HA, HE B el A 9T vAE Je=
et oA el ZEENA AL 716k RISk &3 A

25 o]g3al] Haias A B Falg R, iR onR], AIA
A 5 AE dgo] FFHo|BR, 4nApt ZetolHAl ¢
AE AL 718k RIS 43 MH| 9] A 74E SAe R QA
Zo 2 &gsict.

Ao e}, AUXA B AR, TEEsH Ales
A& 224l £33 F(Kusi et al, 2022) oy
0]£9]E(Cho Han, & Whang, 2022)° &

Ao dHA gt} ol LHIA) £
_Ha/]- B AR AREE w4 F UL
o, o] w}‘_ﬂ’ FAAQ S B IS Yv)gith
Jang and Lee(2024)= WA Al F3AH| 2 AFollA, A7HAS
Az2HE Aol XFA7IH, FHE FERET Y BRY

Ak 2ulAE olg Fajrhn AT RS- 7ML fael
32 Al tEk 7] Az AR S eS gl
sk, AL 7)i 7118} 6 AElsg ol8sle FelA &
HIRR= o] 55 AR eF, o] Aol 7Rk vbs
A Z=H, onx] 2 AFYA R ;(]_._;Q Ao|E Q79 7o
1993 74

AR B WS ol meb B Pt o
A 99U WRIE AR Agow 2Rlag d
AV Q18 26 Aful2et AldsiA

p=4

Ho] Xd‘?lzj.?_ 7]'21
o7 o4 F Qo ‘:}‘—er e AFEAE A

ATEA 1. HALH} A7k AL 716 i1 &
ezl s)ao] AukRel 71x|9} ®|LF o] o]Loxd| o
FEE vX=TR

23. Al 7|8k 7Helst aFo| ST

2 A= AL 71 RIS & MM 2] EWSFE A9
Heg Frishs 3dE VAM 2dS FHedo 2 X748
ez slAS A4tk Al 719k 71t o] A4do] 74
JAAE Wzt et o]& 98 AR, ool HE, F4
AElE T Al 548 O JPATES 531 AR/ (omni-
presence), 7Nl 91 38}(personalization), % 7 (accuracy), &4
(expertise), #4214 (recency), & 224 (interactivity), A4
A7 (social presence), 3]/ (playfulness)?] 1% 7k 54
S At Table 1).

ARG Al 719 AJAREE 23 Mu|27) i, AR, 7]
71¢] Akgle] AFE], anRte] 43 oA o] A&E F 3
=2 3= B4 2vFt) Liu and Cheng(2023)9] Al 722
F3 Au]2 AFoA ] FA14 (immediacy)?t Baek et al.
(2019)¢]  JAFATAH| 29 EAAAFANA Y A F7H
(Spatiotemporality)Z} A3t 71 H 22 Chen et al.(2023) ©]
£ A7H H27FsA (always available)Z 71719}
7F&7d (omnipresence) 2 31| SHAtE A 2EHIY &
AEZ ALY, A, 71719 Adagle] AR FEste] o]
7Vs3t7] wiel ﬁxﬂ"q—o‘ Al 715k 7iR13} 23 AH]| 28] 7]

N

EEE

,?_1401'7 aﬂ/ﬂxj'g_] [SR=! Z_ZE] 2= ol
At 71e 3’—7—. ARE 24319 71°Ur EASNCE B

o] ARPIAY dsAe-S gEslehs 20, 7Y T2 A
dstet ARgAF F=2] 7] L& S (customi-zation)E =7
% SH}(Vesanen, 2007). Al FHA|Z5]3} Al LS O& o
Fo ATEL o5 &85l Al F8 BEAHOE RS &
S ™ (Baek et al., 2019; Chen et al, 2023; Kim & Kim,
2024; Lim, 2024; Oh & Gim, 2024), AH&72 WEOh &
Gim, 2024), A1, A7Hd 8243 Zafo|WA] He(Teepapal,
2025), AR&-&olA(Kim & Kim, 2024)0] f2J3t J3s F=
HER Bsict oA gEHY SRHIAME AlE 283t
/\FQ“X} ARl AsE EAst, AF B Alel= 3, 71T
T AAe] wEE AHEE AlFs] wiel JiIskE Al
]‘ﬂ' NQAS; £ AE]2=9] AFQ BEAdolgka & 4 it
g Al 7]‘3} MAs}; 23 AH| 20 Fro Ayt
o] e #-g3k= AEE 2ujdit). Chen et al.(2023)
9 Aol /\}*&1}7} Ao = el il
szt o Fask 7] ?:1% E9], o5 Al AE9] My~

LOE

HND>
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Table 1. Characteristics of Al-driven services

Reference Context

Characteristics

Baek et al.(2019) Al system

responsibility
Kim et al.(2023)

Liu and Cheng(2023)
Ma and Park(2024)
Cho(2024)

Kim and Kim(2024)

Al recommendation system
Al news recommendation

Al chatbot

Al recommendation

Customization, specialization, diversity, convenience, spatiotemporality, real time,

Personalization, diversity, convenience, recency special preferential benefits
Personalization, immediacy, interaction, privacy risk

Intimacy, empathy, accuracy, reliability

Al recommendation shopping Ubiquity, information quality, promotion, personification

Personalization, playfulness, affordability, appropriateness

Always available, omnipresence, consistency, accuracy of response, availability of

Chen et al.(2023) Al chatbot

human service alternatives, self-learning, ease of use, personalized recommendation,

human-like empathy

Lee and Park(2024)
Lim(2024)
Oh and Gim(2024)

Al shopping agent
Beauty Al recommendation

Generative Al

Social presence, playfulness, ease of use, perceived security
Affordability enjoyment, personalization, relevance, affordability, interactivity

Personalization, professional, convenience, responsibility

TEStiEt, AL Ve fedel aaw, A7E -8
el freldt gFe viRte He ASHeE Slsivid.
2h g ol ADE 2vjke] a2 dvht G 8ts] ofs)
slo] 232 AASkE The ol Wrkske T83F 84olAt Al
719k 1sE 23 Mu]e) Al 5] & Zojtt
ARgeld 574 wopllr] nweshe A2, SHE s, A
g wEeR w2 7o 4AE Ue oIt AEHEE
AFehs FrEde] Aol tigh anlke] A2k HRs)a 2t

T xolE 7EeH, ole AN Fujo|mol| FEFS
wjzt} o] e o]fE HMEAL Y (Kim et al., 2006), F
29 (Ohanian, 1991), 1EFAA (Han et al, 2023), 2fo]E
72 £F2E(Kim & Heo, 2021) 5¢] Thd3 Jr o) F
23 oz A Yot A Al AH]~(Oh & Gim,
2024)8F Al 33 AJH]2(Cho, 2024 & A& A8} ot
3 PR Ee}t A& e FEE nX= 8]lolH, Al
E4

MulA FAE Wrksle Al AH|R0] Fa3 54 F shuel

H
[41:1

ThBack et al., 2019). wWatA, Al 719k 7R3} 43 Au|27}
AR H ARl w& 59 AAES AlFse o

ek &H)z} Q14 AW|R} 5o PaS F= 5938 54
2 Aojt}.

FHAL2 Al 719 A8} &3 Mul2vt JEAE 52 Y
v w2, o] Y8 o® Agslike] J=g om
Kim and Kim(2024)> Al F3An]2=0] Eoz H3A
(suitabilityyS ARFIAE=H ol AHIEE AR A
EslaL o]gxlollA X BH HRE AFseE sk Aoz F
B AF A9 Ajte ARE ou|gittal SF%T). Lim(2024)
= RHEPEE Al 44129 B4 5 E AN Al 3E

2 uelEsty A ANYIRE AFIE SHS

A
T2 0
(relevance) 2 W 3}aL, AEAMEL 9] Folgt JFES

ATt A Avzls faol UEA wHgste] 24l A
S FujslEE A3l Jom(Hahn & Lee, 2018), 314 2
HY FAEFL ol5 FZAI7)V] S8l AHHoE A28 HH
£ AlFslior stE=, A Al 71k /1St & AfH]29
03 BEAow 713" 5 9

FEAEIde AL 7Tk THR
H|RLe} S8 07 ey Aol 7Fsd AEE onjdith Al
MRz} AR st SHAITS Ho ARl TF
A1 ke B3 T AFUAIEE FAH, olzgh At
A A5G AP ASARE-S X (Lim, 2024), A7+ A}
£8olA3} A gE F-84(Kim & Kim, 2024; Liu & Cheng,
2023), Z12]al 212 PAd A= (Ding & Najaf, 2024)° 4
2wzt wEhA FEEgAde AH|REe] 8ol Ftsle
T2 AAE A=) 98 BFAYU AL 71N IS &
B A9 sy BEAY Aol

AREA AAjzelR HEAkE F e Al EAIF FEg
AA A=Y 2 A2 gijIIAE AR AR = H=
Z(Short et al, 1976 in Pitardi & Marriott, 2020), A}-5 3}
71E37oM s el IANA TE AREA HAY EX7E
& A s A= (Pitardi & Marriott, 2020)2 &Jm| 3},
Ma and Park(2024)2 AFE0] Al AEAAAN 7= 3124
I I AAZ S 7R IZES AFUAlAE 3t
3 SE AE AAITIM, o] AR ARiTte] A|&elg-or
FEFS VAT AS GRS S4HIA (McLean & Osei-
Frimpong, 2019; Pitardi & Marriott, 2020)2} Al F=HAIH] 2
(Akdim & Casalo, 2023)9] AToIA = A3 AATES 2=
U AEAMEOE, A7H ol folgt P F= Ao B
I T AREEC] o] &3l A BHIY EHEA
Nelslel AMuls AspES dethe AL ARle] ¥y S
Eolg= k] Al digl 12sH E 7sAdel AeS
ojujgit}, WEka] ARSA ARIZRe AR A7k AL 719

s
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NS} 23 AH| 9] o 54U Flo|t).

Freld2 Al 719 FHQ1sh S AE]s 8 A] AR &
A T w|eg ke 54 9r$t). Kim and Kim
(2024)£ ABFRAEAE AT A28 ZYE Ao~

AN o) BH3EE AFehe ks Adglol ARgAL JIE
Olé A AAR ST RS Zlolgkal A oJeiit). Lim
(2024y2 Mukherjee et al.2016)S ¢1&-3le] Z7]4lol &4
ol 93] AEE Fsle AREARE IT vt]o] ARS-S 59
7Fsdel O =55 43R, o8 Al HEl 53 Au|2rt
SHEES FHSAL Bl AMH|2e] ARgo] A FR31A] Al A
v E HolEaL, o] AHARG el wol|e] folgk JFY
S Ik A 2EY E‘—Eﬂua E@l AV 25} g e
AREA} oluR| & WEALY, 7P <l
_L]EE' F/Hﬂo]__l_ q]glral 2= o = _1;:
o} wEbA] AHREE ol A
o, M2 Fol =dsia *Mﬁ}% A&
)‘ 11;]_ U:]—E]—H o]Eﬂ _4/\-19_ 719
T3 s 54Y Aolth

ole} 7ol Al 7Iuk 7RIS} &3 AfH|2e] EAdwGEo] A
B, golo|HE, 33 AH|2 5o FAS Hrlkslke 715l
7% s, ok, dE, A-&old, 849, A= Sl

7Aooz FIFE vX= "R HoA, 74 VAMS
50 O
]

[

HYsoloR A% Az o) P F AR A4
F glo] Thest e ATEAE AT,

AFEA 2. A 2E ) YL A= Al 7|4 713}
L] AL B017p
o]= Ashd Fig. 13} 2t}
3. P

&9 —g—a:@oﬂﬁ ALZ19E 791 fdr 5% AfH]
E==) OI%%J Aol = 200 94 &H|RF 50082 HdeE
AEGAM ] 7)1FS E3) 20259 62 13UA 158714 £}

AE Sl APIEE RIS & MRS o] 85 3ol 3

SEE A 7k, oolEe] ZHA ool £Ydhe ool
g P& o]&sh= A= 200 o AHIRE F e R st
o} ol dlo]EE|7t Al ZE2A (VS ¥W), Al 71} 3%
A, ALARD A4 5 B SYEET Tt AL 7]k 7i]lst
&3 MU|EE AlFsial glom, 2025 7% 9 84 AREAL
FMAUYF 1,0008F Hell o]2% F =il 7P Bol ol&
=e WEE Arzolm, AA] ARSAL F 200] HA2] HlFo]
7F& =971 wliZolth(Jeon, 2025).

3l

2 fo &

AEAE ATRYS] FawEel AN AAS 3 )
2 54, A7 A9, A28 94, A28 71, Al
E 59 Z4she F 4ole] 2R QATEANE, 9ol
ge drow THUNAL, ATEANGS AF BE £G

Stk 2 o) A gols)

H
F 4927 9] ABE EAd] o]&319 e
AFTAS AZS 93] AMOS 23.0& |83+ g1z g

ﬂEg' Egl

°ﬂx} 49299 Hi AFLS 2514011, 228 (46.3%)°]
AeS BR3 FIA A, 164 (33.3%)7) 7)== AF38IT)
o5 F 264%(53.4%)°] AFFA, AEA T HAHES /KX
lom, AL 1769 42.0%), F-Folvt FEEeIHE 373
(15%)2 Jebstth 71 & 9 252 200~400%F 9 (n=191,
38. 8%)r+ 400~600%F Y (n=102, 20.7%)°] 7P Bgkom &

T2 434 e Y (1=271, 55.1%)°] 7P Bt} o]
S FAE ool @ HaF 20999 AE3AL, 10~20
v n=199, 404%)yS A& A7t 7FS B3ith o F
BE $3 7P A o83l B2 ololEE](n=260, 52.8%),
A ZA 2 (n =122, 24.8%), FAIAHn =66, 13.4%) w22 ERG:
ok Al 719F 7018} &3 AU o]g 73 el digk Aol Al

ol ARB2ALE AN ARE FPSIT T, AT
Characteristics
Benefits
* Omnipresence * Efficiency

* Personalization
* Accuracy
* Expertise

* Enjoyment
Social -reputation

* Recency
¢ Interactivity RQ2
* Social presence

* Playfulness

Sacrifices
* Technicality
* Annoyance
* Privacy risks

Perceived Continuance
- I:> value I:> intention to use

Value-based Adoption Model |

RQ1 /

Fig. 1. Research questions.
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Table 2. Operational definitions and sources of measuring items

Variables Operational definition Sources
Omnipresence Using AI—d{lven persogahzed shopping service is not limited items Chen et al.(2023)
by place, time or device
Personalization Providing optimal and tailored services to users based on items Akdim and Casal6(2023)
their understanding of individual information and preferences. Baek et al.(2019)
Accuracy Responding to users’ requirements accurately items Chen et al.(2023)
. Providing high-level It lit i iat . .
N Expertise rov1dmg igh-level results or quality services appropriate , . Oh and Gim(2024)
Characteristics for the situation
Recency Delivering the latest information quickly items Lim(2024)
Interactivity ~ The extent to which users can communicate with Al items Kim and Kim(2024)

Social presence

Playfulness

The degree of salience of other social entity in using Al-
driven personalized shopping service.

The extent to which using Al-driven personalized shopping
service is perceived as enjoyable

items

items

McLean and Osei-Frimpong(2019)

Newly developed

Efficiency

The functional and instrumental benefits delivered by using
Al-driven personalized shopping service.

The positive emotional experience derived from using Al-

items

Kim et al.(2007)

McLean and Osei-Frimpong(2019)

Perceived benefits Enjoyment driven personalized shopping service. items Gan and Wang(2017)
Social reputation The perception of social self-concept derived from using Al- items Gan and Wang(2017)
P driven personalized shopping service. Sweeney and Soutar(2001)
Technicality D(?gree of cogn{tlve effort .requlred. to learn how to use Al- items Akdim and Casal6(2023)
driven personalized shopping service.
Degree of negative feeling caused by irritating intervention .
Perceived sacrifices Annoyance of Al-driven personalized shopping service. items Jang and Lee(2024)
. ‘ The extent to W'hl()h AI—d‘rlven personalvlzed shopping service . Akdim and Casal6(2023)
Privacy risks have the potential to monitor and surveille users by accessing 3 items
. Jang and Lee(2024)
their personal data
Perceived value Overa'll value percelved when using Al-driven personalized items Akdim and Casal6(2023)
shopping service.
Continuance intention The llkellhooq of .contmumg to use Al-driven personalized items Kim et al(2007)
shopping service in the future
T3 AHIZE 3049 (61.8%), Al ©lWIA] AL 2629 (53.3%), el WA dHds Eﬁ?"*ﬂ}(Table 3). WEEIAE HEs)

Al 218 89k (n=232, 47.2%), Al Z2H(Al 7Md 9¥)> 7] 93 HFREEAS
o83 Aol sirka ST Kl

o}
89 (18.1%)°]

A 4 i
4. ATHI} Y =g 1} o] it
_?L

i, 3l 174?94 % A3 v
NFEER| G Ay 1 a Aoz g
F1EATHTable 4). WA Al

B3] 98l dAIT2] 95% 41

o
%—3}@ ow HAAH-AHEAY

4.1, TAHEe MEE & ElEd HE :%Hm[q)i(z*SE)]% A

=R g A5 S8 13488l F1F 284S 759~.899, 8-EAwL] AT 756~928% 12 XS X] 9%
*‘*lﬁ}‘ﬁt‘r ol o]83 QRIFRE AT Aol oM = o} 7} 391 8%IE 7+e] WEEGAo]l FEETH(Anderson &

o] B4 el ve 2xoz 319c). o A7(Table Gerbing, 1988).

z) 16220 49otojdo g P Fgnye] RIHF=e

¥ =1668.455 (df=1007, p=.000; ;{/df 1.657), NFI= 912, 42, ATEDs A=
CFI=.963, RMSEA = .037% Yeh} 953 e 555 B Al 718F 718} &3 AMul= B4, 2|71 &d, 2|75 3
AFUTE BE SAMT] Q5SS f‘fo% | gshs & A, A7 71, Aol gLl IAAAE AT $8 &
el el shAl (- Value>196) A=l FHFEFSFol 1= &4, 4%, ABIA HaoR pAE A4 sd e,
o, MEANFEE 709014 875 olafe] BER BF 7014 2714, ZaloluA] dow AE xztE Ao wziaol
o|ATh FAFEX hT 63201 796512 LERY AN < EFS FRRPS FHIIGT. FREEAWA Y B4 o
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Table 3. Result of measurement model testing (n = 492)
Constructs Measurement Items SFL* SE  t-value COP St?Ct AVE"
reliability
Al-driven personalized shopping service can be used through various devices.  .731 - -
Omnipresence  Using Al-driven personalized shopping service is not limited by location. .842 .066 17.619 .856 .666
Al-driven personalized shopping service is always available. .869  .063 17.987

Al-driven personalized shopping service analyzes customers’ characteristics and

811 - -
accurately identifies them.

Al-driven personalized shopping service provides customers with personalized

Personalization s . .820 048 19.954 .840 637
optimization service.
I feel the Al-driven personalized shopping service knows what customers want 762 063 18.199
to shop.
The answer or outcomes from Al-driven personalized shopping service meets 229
customers’ expectations. ’
Accuracy The response from Al-driven personalized shopping service is accurate. .831 .049  21.505 875 701
The answer or outcomes of Al-driven personalized shopping service corresponds 851 044 22251
to what the customer requested.
The information provided by Al-driven personalized shopping service is 233
professional. ’
Expertise Al-driven personalized shopping service provides detailed information. 786 .050  19.667 .857 667
Al—drlveP personalized shopping service provides high-quality professional 830 052 21153
information.
Al-driven personalized shopping services update new products in real time. .826 - -
Al-driven personalized shopping services quickly provide information about the 884 045 23217
Recency latest products. 769 142
Al-driven personalized shopping services promptly inform me of product 873 043 22882
updates.
While shopping, it feels like you're communicating with Al 728 - -
Interactivity ~ Al-driven personalized shopping service enables two-way communication. .859 063 17.989 .683 632
Real-time conversation with Al is possible during the shopping process. 793 060  16.753

When I use Al-driven personalized shopping services, it feels like someone is

. .796 - -
present in the room.

During my use of Al-driven personalized shopping services, I feel like I am

. : 890  .050 22325 769 742
dealing with a real person.

Social presence

I use Al-driven personalized shopping services in a way similar to how I

. . .894 047 22443
communicate with humans.

It is fun to challenge and achieve new things through Al-driven personalized

shopping services. 791 ) )

Playfulness Using Al-driven personalized shopping services creates positive expectations. .867 051 21.249 73 694
Interacting with Al for shopping is fun. .840 053 20.444
Using Al-driven personalized shopping services enables me to shop more 841 ) )

quickly.

Using Al-driven personalized shopping services enhances my shopping

Efficiency .831 042 21.862 732 694

effectiveness.
Usmg' Al-driven personalized shopping services saves me time and effort in 08 047 21750
shopping.
The actual process of using Al-driven personalized shopping services is 287
entertaining. ’
Enjoyment Using Al-driven personalized shopping services would make me feel good. 900  .036 28.560 773 747

Using Al-driven personalized shopping services is one that I would feel

. . .803 038 23.048
interesting.
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Table 3. Continued. (n = 492)
a Construct
Constructs Measurement Items SFL SE  t-value O.H s .rl.lc b
reliability
Using Al-driven personalized shopping services would make a good impression 268
on others. '
Social reputation Using Al-driven personalized shopping services would give its owner social 833 046 22.692 733 697
approval.
Usmg Al-driven personalized shopping services would improve the way | am 802 046 21421
perceived.
Using Al-driven personalized shopping services is complicated. 819 - -
ing Al-dri li hoppi ices is difficult. . 051 21.1
Technicality Us?ng dflven personé ized s oppmg se.rv1ces 1s' difficult 873 05 77 734 697
Using Al-driven personalized shopping services requires a lot of effort on my part $11 055 19717
to understand.
The promotional and advertising information provided by Al-driven personalized 8 ) )
shopping service is annoying. ’
Annoyance I am r.eluctant to rec.elve the prf)motlone}l and advertising information provided by 840 055 18.960 658 639
Al-driven personalized shopping service.
.AI—dI‘lVCTI personalized shopping service is tiresome with too much unwanted 731 052 16.662
information.
Whilst using Al-driven personalized shopping service, I feel 1 am under 261
surveillance. '
Privacy risks Whilst }151ng Al-driven personalized shopping service, I feel it is listening to 904 044 24.098 759 729
everything around me.
My privacy can be invaded by the use of Al-driven personalized shopping 703 042 20808
service.
I believe that using Al-driven personalized shopping services is valuable. .840 - -
. I believe that using Al-driven personalized shopping service is worthwhile. .821 .049  21.673
Perceived values ) ) . ) . o . .709 665
I believe that using the Al-driven personalized shopping service is beneficial. ~ .778  .050  20.010
Overall, using Al-driven personalized shopping service delivers high value. .821 048 21.664
I plan to use Al-driven personalized shopping service in the future. .893 - -
Continuance . . . . .
intention I predict I would use Al-driven personalized shopping service in the future. 880  .035 27.834 814 796
I intend to use Al-driven personalized shopping service in the future. .904 .036  29.324
? Standardized factor loading, the first item for each construct was set to 1.
b Average extracted variance
A a0 G4 NS AAsel 2007, g= A 2] Adelgelol TA49 G- S0, p< 000
1055, p=.000 )(Z/cb‘=l.9l7, NFI=.894, CFI=.946, RMSEA CR=18.059)2 F+= ALo=Z Yepdt} QokspA, Al 714t 7)<l
0% 940 FEIRAATEE AT olopd = o) 4 A=) Aol g AAske Azt A o)
Y RN BAL ANHER SIAUEE Fodairr, A A7 SIS} 549 JUe) GF0H, of 5,
df=1074, p=.000, ¥/df=1970, NFI= 889, CFI=.942, RMSEA Az FEo] o] & dFHe HAF3oH o7lede Al 7]

- M2 953 FF0l Tk (Fig. 2).

HE )RS} o3 A 2e] o2 5

d = A

a0l by 2

ERHIEE
HIA7} A7k

744, el A

A7k gl Al 718k ARIS) &% Muls B4 F AR 5 AT AoE UERITH(Table 5).
23(B=.096, p<.05, CR.=2.090), 2 (5=.186, p<.05, CR.
=2238), &4 (B=.144, p<.05, CR.=2.078), AN (5= 43. = 9
106, p<.05, CR.=2253), ¥34 (B=.561, p<.000, C.R B Ads AL 7 Qs &3 Au)ze] AH|R) =83
=9.003)°], Azte ol AkSA HANZHB =248, p<.05, < el A Kol g0l gt FFas ¥
CR.=2368)7r0] o3t FFe = o= eyt 2|74 }4E RIS RdS 85, sjda
e A7 A9k 7Exjel] SR BB =786, p <.000, s AMu|z=e] B4, dez S|4, dura)
CR.=14382)% = Zlol| vlal Azhd s 7o FIHpB= Q] ol g =E FIHeF vAtaIRES FYHsIAL
—121, p<.001, CR.=-2.948)S Fom, Xzt Hukx 7} 23 e A3 A
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Table 4. Correlation and Square root of AVE

Construct 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16
1 0.82
2 0.64  0.80
3 048 083 0.84
4 045 072 080 0.82
5 053 066 059 065 0.86
6 034 072 075 075 062 0.80
7 015 050 059 062 038 071 086
8 032 054 065 068 042 066 070 083
9 061 070 068 066 068 061 048 059 0.83
10 039 058 066 066 047 0.64 058 084 069 0.86
11 024 058 067 072 045 065 069 074 060 075 0.84
12 026 012 004 002 013 002 025 017 019 000 0.16 0.84
13 0.08 026 025 023 016 021 013 014 022 024 022 049 0.80
14 004 006 013 011 007 010 001 004 011 008 007 038 053 085
15 045 057 061 062 046 053 043 061 076 073 0.60 0.08 022 011 082
16 044 050 056 052 041 041 031 050 068 064 050 022 029 014 078 090

The diagonal represents the Square root of AVE while the off-diagonal presents the Inter-constructs correlation.
1. omnipresence, 2. personalization, 3. accuracy, 4. expertise, 5. recency, 6. interactivity, 7. Social presence, 8. playfulness, 9. efficiency, 10. enjoyment,
11. social reputation, 12. technicality, 13. annoyance, 14. privacy risks, 15. perceived value, 16. Continuance intention

Table 5. Result of research model testing

Paths Estimate S.E. C.R.
Omnipresence — Perceived benefits .096* .048  2.090
Personalization — Perceived benefits .061 .074 .709
Pccuracy — Perceived benefits .186* 072 2.238
Expertise — Perceived benefits .144%* 061 2.078
Recency — Perceived benefits .106* .041 2253
Interactivity — Perceived benefits -.079 061 -1.141
Social presence — Perceived benefits .032 .037 .606
Playfulness — Perceived benefits S61¥¥* 049 9.003
Omnipresence — Perceived sacrifices .006 072 .062
Personalization — Perceived sacrifices —-.106 120 -.622
Accuracy — Perceived sacrifices -218 109 -1.326
Expertise — Perceived sacrifices -.076 092 -.555
Recency — Perceived sacrifices -.010 062 -.105
Interactivity — Perceived sacrifices —-.094 091 —-.695
Social presence — Perceived sacrifices 248%* 058 2.368
Playfulness — Perceived sacrifices .092 .062 .886
Perceive benefits — Perceived value 786%** 056 14.382
Perceived sacrifices — Perceived value — —121%* 055 -2.948
Perceived value — Continuance intention to use .801*** 056 18.059

A, A Z0] Lo w2 Susl= X214 sRdE Al 7]4E )
Qlsh &g Au]2e] SElz Q) B folgh IS T
t} olE VAMS 283 thee] **630%17} 2174 7}x1 °ll ﬂ%
g g agle) 38 —% 3

olt}y, e} QL] AL ko) %94’3}21 9%74‘/}(511“

=
gx%o

RS

& You, 2024), ¥ 27 (Lee & Kim, 2021), A 7H(Jang &
Lee, 2024), 7-54]8-(Kim et al, 2007; Kim et al., 2023)5
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