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            Abstract
          
        

        
          This study explores how beauty filters in augmented reality (AR) virtual try-on (VTO) systems affect consumers’ jewelry shopping decisions. It examines the influence of beauty filters on perceived self–product fit, product attitude, and purchase intention, and further investigates the moderating role of body image. An experiment was conducted with 108 female participants using existing AR try-on applications on Taobao. A confirmatory factor analysis (CFA) was conducted using AMOS to assess the validity of the measurement model. Following this, moderated serial mediation analysis was performed using the PROCESS macro in SPSS with body image included as the moderator. The results showed that unfiltered try-ons enhanced self–product fit, which, in turn, improved attitudes and boosted purchase intentions. This indirect effect was stronger for participants reporting higher body image satisfaction. These findings suggest that brands should exercise caution when applying beauty filters in virtual try-on systems, as they may weaken the sense of product fit, especially for users with a positive body image. Allowing users to adjust or disable filter intensity may improve user comfort and decision quality. This study demonstrates the psychological downsides of beauty filters in AR try-on and identified body image as a key moderating factor. This shifts attention from system-oriented technical features to user-centered psychological mechanisms, underscoring personalized design as a more effective solution. Methodologically, it enhances external validity through testing on an existing commercial AR try-on platform. These findings highlight the need for a user-centered design in AR retail, contributing to both consumer research and digital retail practices.
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      1. Introduction
      The global virtual try-on (VTO) market is experiencing rapid growth, with its market size projected to grow at a compound annual growth rate (CAGR) of 26.4% from 2024 to 2030, driven by increasing demand for immersive shopping experiences across sectors such as apparel, eyewear, and jewelry (Grand View Research, 2025). Notably, the Chinese VTO market is expected to expand at a similar CAGR of around 26%, owing to its tech-savvy consumer base and the dominance of major e-commerce platforms like Alibaba (Grand View Research, 2025). In parallel, the global jewelry market is forecasted to reach $374.8 billion by 2025, with the largest market share concentrated in China (Statista, 2025).

      In the jewelry industry, brands are increasingly using virtual technology to enhance customer experience, allowing users to virtually try on jewelry as if they were in a physical store. İmre and Özseven (2024) reviewed several emerging virtual jewelry try-on applications and noted that jewelry is a category in which consumers are especially cautious and demanding in e-commerce, due to the difficulty of evaluating product details without physical inspection. Given the visual and tactile nature of jewelry, consumers require comprehensive product representations before making online purchases. Virtual try-on systems fulfill this need by simulating physical try-on experiences, thereby enhancing decision confidence (İmre & Özseven, 2024).

      For instance, Tiffany & Co. has leveraged AR technologies through mobile collaborations with Snapchat and Taobao, enabling users to preview products like engagement rings and the Lock bracelet using high-fidelity visualization, including Snap’s ray tracing. The brand also integrated AR into its London archival exhibition, offering virtual try-on of the yellow Tiffany diamond and an immersive diamond wall experience (Snap Inc., 2023; Soper, 2023). Similarly, Graff introduced AR-based 3D previews on Tmall, providing realistic texture rendering and precise hand alignment for rings and bracelets (Kivisense, 2024). These examples reflect the luxury jewelry sector’s growing adoption of AR try-on to enhance product experience and consumer engagement in digital retail environments.

      Despite the increasing popularity of AR-based virtual try-on technologies, most studies have primarily explored their technological attributes, such as interactivity (Poushneh & Vasquez-Parraga, 2017), perceived realism (Javornik, et al., 2016), and visual immersion (Hilken et al., 2017), and how these features enhance hedonic experience, product satisfaction, and purchase intentions (Yim et al., 2017; Wang et al., 2022). And with the increasing integration of beautifying filters into AR-VTO systems, other recent research has begun to explore the technology’s psychological implications, with some studies suggesting that filters can enhance perceived attractiveness and support idealized self-presentation (Chen et al., 2025). However, VTO technologies can also have unintended consequences, such as reduced realism, increased body awareness, and discomfort, especially when users become aware of the difference between their real and filtered appearance (Vendemia & DeAndrea, 2021; Wang et al., 2022). These findings highlight the dual-edged nature of beautifying filters in shaping user experience.

      Self-product fit, defined as the perceived congruence between a consumer’s self-concept and a product’s attributes or image (Sirgy, 1986), plays a key role in shaping consumer reactions to virtual try-on. Research shows that consumers are more likely to form positive attitudes and stronger purchase intentions toward products that align with their actual or ideal self-image (Park & Lin, 2020; Sirgy et al., 2008). In virtual settings where visual cues dominate, this fit becomes even more salient (Hong & Pavlou, 2014). However, when beautifying filters alter users’ appearance, the perceived match between self and product may be disrupted, potentially weakening psychological engagement. Body image also plays an important role in how people react to virtual try-on experiences with beauty filters. Yim and Park (2019) found that people who are less satisfied with their bodies usually react more positively to filtered AR images, while people with a more positive body image may feel a mismatch when they see idealized virtual images. Although existing studies have explained the individual effects of body image and beauty filters, few have looked at how these two factors work together to influence consumers’ views on product fit or their willingness to buy, especially in luxury retail settings.

      Given the above research gaps, this study aims to explore the psychological mechanisms of consumers in AR virtual jewelry try-on scenarios, particularly how consistent sensuality with the product affects their product reviews and purchasing intentions. Beyond product fit, the study highlights how beauty filters shape consumers’ self-perception and shopping responses, advancing theoretical understanding of consumer behavior in virtual try-on experiences. Specifically, the study addresses the following research questions:

      
        	RQ1: “Does beauty filter usage reduce perceived self–product fit compared to unfiltered try-on?”


        	RQ2: “Does self–product fit mediate the effect of filters on product attitude and purchase intention?”


        	RQ3: “Does body image moderate this mediated relationship?”


      

      Accordingly, the goals of this study are:

      
        	(1) to examine the impact of filter usage (beauty filter vs. no filter) on consumers’ perceived self–product fit and their subsequent product evaluation and purchase intention;


        	(2) to test the serial mediation effect of product fit and product attitude in the relationship between filter condition and purchase intention;


        	(3) to investigate the moderating role of body image in the mediation pathway, identifying whether these effects differ depending on the consumer’s body image perception.


      

      In this study we adopted an experimental survey design to investigate how beauty filters embedded in AR-based virtual try-on systems influence consumers’ psychological responses in the context of online jewelry shopping. Participants were randomly assigned to one of two simulated try-on conditions: a virtual interface with a beauty filter or one without. They interacted with the system to virtually try on rings or bracelets, then completed a structured questionnaire measuring perceived self–product fit, product attitude, purchase intention, and body image. Data were analyzed using PROCESS macro (Model 83) in SPSS to test both a serial mediation model and a moderated mediation effect. Specifically, the study examined whether the effect of filter usage on purchase intention was mediated sequentially by perceived self-product fit and product attitude, and whether this pathway was moderated by participants’ body image. The results supported all hypotheses, confirming that beauty filters can negatively influence perceived self–product fit, product attitude, and purchase intention—especially among consumers with more favorable body image. Our results show that the use of beauty filters in a virtual jewelry try-on environment will reduce consumers’ perception of self-product fit and product attitude, and this effect is only significant among consumers with high body image satisfaction, which will ultimately reduce their willingness to purchase.

      This study has certain theoretical and practical value. On the theoretical level, this paper focuses on the impact of the use of beauty filters in the virtual jewelry try-on scene, emphasizing the role of two psychological factors: “self-product fit” and “body image.” Previous studies on virtual jewelry try-on have not fully explored these two variables. In addition, this study constructs a dual mediation path to illustrate how product self-fit and product attitude work together in the relationship between beauty filters and purchase intention. On the practical level, the research results provide a reference for the virtual try-on design of jewelry brands and digital platforms. The results show that beauty filters should not be used in general, because they may weaken the self-product fit and product evaluation of some consumers, thereby reducing purchase intention. On the contrary, the filter usage strategy should consider the differences in individual body image and self-cognition to create a more personalized and comfortable virtual shopping experience.

    

    

  
    
      2. Conceptual Background and Hypotheses Development
      
        2.1. VTO technology in online retailing
        Online shopping platforms often present certain limitations—such as the inability to touch, feel, or accurately visualize products—which pose particular challenges in the fashion and beauty industries where sensory and visual assessment is critical (Kim & Forsythe, 2008). To address these limitations, augmented reality technologies have been introduced to enhance the digital shopping experience; by allowing virtual features to be integrated into real-world scenes, the mental gap between consumers and products is reduced (Poushneh, 2021). Among these AR applications, virtual try-on technologies have recently emerged as a key innovation, enabling users to overlay virtual items—such as makeup, accessories, or apparel—onto their real-time images using motion capture and facial or body tracking systems (Javornik et al., 2016).

        By mirroring the user’s body or specific features, such as the face or hand, while simultaneously displaying virtual products like glasses, cosmetics, or jewelry, VTO systems create highly immersive and interactive shopping experiences (Shi et al., 2020). This approach has been widely adopted by major brands across the fashion and beauty sectors, highlighting its effectiveness in enhancing customer engagement and product visualization (Shi et al., 2020). Furthermore, VTO technologies may offer higher levels of enjoyment and interactivity compared to traditional offline shopping, contributing to their increasing popularity in digital retail environments (Lee & Chung, 2008).

        In the context of high-value and complex products such as jewelry, online consumers often struggle to assess size, material, and overall appearance, which can hinder trust and drive preference for offline purchases (Shi et al., 2020). To overcome these barriers, AR-based VTO solutions are becoming increasingly prevalent in the jewelry industry. These technologies simulate the in-store experience by allowing users to virtually try on products, thereby improving customer satisfaction and aiding purchase decisions through clearer visualization of design features (Imre & Özseven, 2024; Prajapat et al., 2022). Kumar and Ambeesh (2022) found that the jewelry trying-on system based on AR technology can not only enhance the user experience but also enable more informed decision-making and personalized marketing strategies.

        İmre and Özseven (2024) comprehensively summarize the technological innovations of virtual try-on systems in the jewelry industry. For example, Prajapat et al. (2022) developed a hand-tracking virtual try-on system using Mediapipe, OpenCV, and Unity, which can accurately locate jewelry such as rings and bracelets. Similarly, Cheng et al. (2019) proposed a mixed reality virtual jewelry try-on (MRVJF) system that integrates face and hand recognition capabilities but still has technical limitations in terms of comprehensive face detection and spatial superposition accuracy. These developments reflect the increasing application and technical maturity of VTO systems in the online jewelry industry.

      

      
        2.2. The influence of beauty filters on self–product fit and purchase intention
        “Beauty filters” are algorithmically driven tools that detect facial features and automatically adjust visual attributes to enhance users’ appearance (Andrada, 2025). Recent studies have shown that beautified photos can enhance users’ perception of the attractiveness of their appearance and improve their emotional state (Tiggemann et al., 2020), while making users feel more confident and attractive (Appel et al., 2023). Chen et al. (2025) further pointed out that beauty selfies enhance users’ preference for hedonic products. In addition, Javornik et al. (2021) found that beauty filters not only improve users’ experience satisfaction by presenting a more idealized self-image but also enhance their perception of the attractiveness of the product.

        However, some scholars have also raised concerns about the negative consequences of filter use. Javornik et al. (2021) found that repeated engagement with digitally augmented versions of oneself can distort one’s sense of self, leading to psychological discomfort and reduced authenticity. From a marketing perspective, overuse of beautifying filters may result in consumer distrust. Yang et al. (2021) and Lv et al. (2022) showed that overly modified model images undermine perceived authenticity and reduce purchase intention. This “misrepresentation” effect also extends to influencer marketing, where perceived deception due to heavy filter use negatively affects followers’ attitudes (Taheran et al., 2024).

        In virtual try-on contexts, the distortion created by beauty filters may impair perceived self–product fit—the degree to which a product aligns with the user’s authentic self-image. Isakowitsch (2023) found that AR beauty filters can lower self-acceptance and generate dissonance, especially when the digitally rendered self feels inconsistent with reality. This aligns with self-discrepancy theory put forward by Higgins (1987), which posits that inconsistencies between the actual and ideal selves can result in anxiety and dissatisfaction. On the other hand, self-congruity theory (Sirgy, 1986) suggests that when product images align with one’s self-concept—particularly the ideal self—they foster greater identification and positive evaluation.

        Given the above research findings, we propose that not using beauty filters may lead to a more realistic and consistent virtual try-on experience, ultimately improving consumers’ perceived fit between themselves and the product and stimulating purchase intention. This view is supported by the research of Chen et al. (2025), who found that unbeautified product images were more effective in increasing consumers’ preference for functional products, suggesting that visual realism can have a positive impact on consumers’ decision-making. Therefore, we propose the following hypothesis:

        H1a. Virtual try-on without a beauty filter (vs. with a beauty filter) will result in higher perceived self-product fit.

        H1b. Perceived self-product fit will positively relate to purchase intention.

        H1c. Perceived self-product fit will mediate the relationship between beauty filter usage (with vs. without a beauty filter) and purchase intention, such that the without a beauty filter condition increases perceived self-product fit, which in turn increases purchase intention.

      

      
        2.3. The serial mediation role of self-product fit and product attitude
        Given the above research findings, we propose that not using beauty filters may lead to a more realistic and consistent virtual try-on experience, ultimately improving consumers’ perceived fit between themselves and the product and stimulating purchase intention. Because beauty filters can distort self-image, the concept of self–product fit becomes central for explaining how these distortions shape consumer evaluation (Sirgy, 1982; Hong & Pavlou, 2014). Self–product fit refers to the perceived congruence between a consumer’s self-concept and the characteristics of a product (Sirgy, 1982; Hong & Pavlou, 2014).

        According to self-congruity theory, consumers form stronger preferences and positive attitudes toward products that align with their self-identity (Sirgy et al., 2008; Park & Lin, 2020). This perceived alignment not only fosters favorable product evaluations but also strengthens brand attachment and behavioral intentions (Lee et al., 2012). The closer the match between self-image and product image, the more likely consumers are to develop positive attitudes and eventually make a purchase.

        Therefore, in this study, self-product fit will serve as the initial psychological mechanism to shape consumers’ evaluation judgments, and product attitude plays a key mediating role. When consumers perceive that the product is consistent with their self-concept, this consistency will promote their positive attitude towards the product, thereby increasing the possibility of purchase. We propose the following hypothesis:

        H2a. Perceived self-product fit will positively relate to product attitude.

        H2b. Product attitude will positively relate to purchase intention.

        H2c. The relationship between beauty filter usage (with vs. without a beauty filter) and purchase intention will be serially mediated by perceived self-product fit and product attitude, such that the without-filter condition increases perceived self-product fit, which in turn increases product attitude, resulting in higher purchase intention.

      

      
        2.4. The moderating role of body image
        Body image refers to one’s internalized perception and evaluation of one’s physical appearance, encompassing both cognitive and emotional responses, and is subject to change depending on situational or media influences (Myers & Biocca, 1992). This internal schema is shaped by both past and present perceptions of one’s own body, incorporating not only visual aspects but also sensory, emotional, and social experiences (Schilder, 2013; Pylvänäinen, 2003). Previous research has shown that body image influences individuals’ responses to technology product displays. For example, Yim and Park (2019) found that consumers with low body satisfaction were more receptive to augmented reality based product displays because these products provide idealized visual enhancements that compensate for perceived deficiencies in their self-perceptions.

        Notably, individuals with a favorable body image tend to feel confident about their appearance and are more accepting of unfiltered, authentic representations (Halliwell, 2013). Prior studies have shown that such consumers are more likely to seek self-verifying experiences and prefer products that align with their actual selves (Javornik & Pizzetti, 2017; Malär et al., 2011). In contrast, those with lower body image often turn to augmented or beautified imagery to bridge the gap between their real and ideal selves (Javornik et al., 2021). Although body image and self-esteem are distinct constructs, they are closely related. Individuals with favorable body image often exhibit traits commonly associated with high self-esteem, such as body acceptance and confidence in physical appearance (Sirgy, 1982). Hermann et al. (2002) and Rosa et al. (2008) argue that individuals with high body image are less motivated to reinforce their appearance and are thus less influenced by highly idealized or enhanced visual presentations.

        Taken together, these findings suggest that the effectiveness of filtered versus unfiltered virtual try-on experiences may be contingent upon the viewer’s level of body image. This study therefore proposes a moderated serial mediation model, positing that the positive effect of unfiltered virtual try-on on purchase intention—through self-product fit and product attitude—will be significant only among consumers with favorable body image. Thus, we hypothesize the following:

        H3a. Body image will moderate the effect of beauty filter usage (with vs. without a beauty filter) on perceived self-product fit, such that the positive effect of the without-filter condition will be stronger when body image is positive (vs. negative).

        H3b. Body image will moderate the serial mediation process from beauty filter usage (with vs. without a beauty filter) to purchase intention via perceived self-product fit and product attitude, such that the process will be significant only when body image is positive (vs. negative).

        Overall, Fig. 1 illustrates the conceptual framework of the research.

        
          
          

          Fig. 1. 
				
          

          
            Conceptual framework of this research.
          
          

          

        

      

    

    

  
    
      3. Methods
      
        3.1. Design and stimuli
        The study employed a single-factor 2 (virtual try-on filter use: with filter vs. without filter) between-subjects design. As experimental stimuli, we used brand-specific AR virtual try-on applications embedded within the Taobao platform, developed by two jewelry brands (Tiffany and Graff). Although both applications were integrated into the same platform and shared comparable layouts and functionalities, they differed in the application of beauty filters: the Tiffany application incorporated a beauty filter, whereas the Graff application did not. Both applications offered a wide selection of jewelry items, including rings, necklaces, and earrings, and enabled users to virtually try on products, take photos, and view the wearing effect. However, in this study, participants were instructed to try on hand jewelry only (rings and bracelets), as these products involve more consistent and controllable operations and photographing processes, thereby enhancing the internal validity of the experiment. The applications allowed participants to select different designs and zoom in or out to examine details of materials and craftsmanship, providing a realistic inspection experience. Fig. 2 shows examples of the try-on effects from each brand.

        
          
          

          Fig. 2. 
				
          

          
            The sample images of the experimental stimuli (top: with filter; bottom: without filter).
          
          

          

        

      

      
        3.2. Participants
        A total of 108 valid participants (100 per cent female; Mage = 26.9, SD = 6.46) were recruited for this study. Recruitment was conducted over a two-week period in March 2025 using a convenience sampling strategy. This sampling method has been used in previous studies on specific issues related to consumers (e.g., Trivedi et al., 2022). A survey link hosted on Wenjuanxing (https://www.wjx.cn/) was distributed to a wide and varied sample of Chinese consumers via social media platforms (e.g., WeChat), personal contacts, and word of mouth. To ensure product relevance, only women were eligible to participate, as the virtual try-on involved jewelry items. Prior research has shown that women are generally more sensitive and responsive to the experiential aspects of jewelry usage and to the effects of beauty filters compared to men (Stokburger-Sauer & Teichmann, 2013; Anani et al., 2024). Therefore, AR jewelry virtual try-on technology might be especially valuable for female consumers, their perceptions and attitudes toward the presence or absence of beauty filters are expected to offer practical implications for real-world applications and form a suitable research sample. Eligibility criteria included owning a mobile device with a functioning camera and having the Taobao application installed, as this was necessary to complete the virtual try-on tasks, take photos of the wearing effects, and ensure the accuracy and consistency of the experimental data.

      

      
        3.3. Procedure
        At the beginning of the survey, participants read an informed consent form and indicated their agreement to participate. Subsequently, participants were assigned at random to one of two experimental groups: with filter condition (N = 56) or without filter condition (N = 52). Then, participants read detailed instructions on how to complete the experimental task using the Taobao application. The study scenario was described as follows: “Please imagine that you are planning to purchase a ring for an upcoming special occasion (e.g., a wedding anniversary, family celebration, or birthday party). You would like to choose a ring that is both beautiful and suits you well. However, because you do not have time to visit physical stores and try on the products in person, you decide to use an online virtual try-on experience instead.” Participants were instructed to scan a QR code provided by the researchers to access the Taobao application and select the designated online product display page from the menu. The experimental task was identical across conditions: participants were required to use the Taobao application to try on multiple rings or bracelets and then choose the one they liked best. After performing the experimental task, participants completed a survey measuring the following constructs: purchase intention (3 items; Meyers-Levy & Maheswaran, 2004), self–product fit (3 items; Park & Lin, 2020), and attitude toward the product (5 items; Spassova & Lee, 2013). All items were rated on seven-point Likert scales (1 = “strongly disagree” to 7 = “strongly agree”). In addition, body image was measured with one item adapted from Yim and Park (2019): “Do you wish to change the shape of parts of your body?” (1 = “not at all” to 7 = “very much”). This item was chosen because it provides a concrete and easily comprehensible indicator of participants’ current body image relative to their usual perception, which is useful for capturing the situational impact of the AR virtual try-on experience. Although multi-item validated scales for body image exist, prior research has demonstrated that single-item measures can effectively assess state-like constructs in short-term experimental manipulations (e.g., Hollett et al., 2024; Rosenberg, 2009). Participants then completed a manipulation check item: “Do you think the virtual try-on you just experienced included a beauty filter?” (1 = “without filter” to 7 = “with filter”), adapted from Niu (2021). Finally, they provided demographic information and were thanked for their participation. Additionally, several control variables were considered: brand familiarity (1 = “very unfamiliar” to 7 = “very familiar”) and brand attitude (1 = “very negative” to 7 = “very positive”). Details of all measurement items can be found in Table 1, with reliability coefficients ranging from acceptable to excellent levels.

        
          Table 1. 
				
          

          
            Measurement validity and reliability
          
          

        

        
          
            
              	Factor
              	Items
              	Factor loading
              	Cronbach’s α
              	AVE
              	CR
            

          
          
            	Self-product fit
(M = 4.72, SD = 1.42)
            	I feel that the ring I just tried on...
            	 
            	0.914
            	0.782
            	0.915
          

          
            	The product's image matches well with my image.
            	0.879
          

          
            	The pairing of the product with me is natural.
            	0.868
          

          
            	The product is highly appropriate for me.
            	0.906
          

          
            	Product attitude
(M = 5.78, SD = 1.13)
            	I think that this product is:
            	 
            	0.907
            	0.666
            	0.932
          

          
            	bad - good
            	0.713
          

          
            	unappealing - appealing
            	0.784
          

          
            	Unpleasant - pleasant
            	0.818
          

          
            	unattractive - attractive
            	0.874
          

          
            	dislike - like
            	0.880
          

          
            	Purchase intention
(M = 4.68, SD = 1.27)
            	I want to buy this product.
            	0.897
            	0.848
            	0.670
            	0.858
          

          
            	I immediately considered buying this product.
            	0.790
          

          
            	In the future, I may consider purchasing this product.
            	0.762
          

        

        

      

    

    

  
    
      4. Results
      
        4.1. Manipulation check
        First, we conducted a manipulation check to assess whether the filter usage condition effectively influenced perceptions. Results indicated that participants in the beauty filter condition reported significantly stronger perceived filter effects (t = 2.06, p = .042; Mwith filter = 3.95, SD = 1.66; Mwithout filter 3.31, SD = 1.55), confirming the validity of the manipulation. Regarding the control variables, no significant differences emerged for brand attitude (t = –0.04, p = .965). However, there was a marginally significant difference in brand familiarity between conditions (t = 1.86, p = .065). Therefore, brand familiarity was included as a covariate in subsequent analyses.

      

      
        4.2. Construct validity
        To assess the measurement model’s validity, a confirmatory factor analysis (CFA) was performed. In line with established recommendations, multiple model fit indices were evaluated to obtain a comprehensive assessment of fit quality. The results showed that the model fit the data adequately: χ²/df (41) = 1.66, CFI = 0.969, NFI = 0.927, TLI = 0.959, IFI = 0.970, and RMSEA = 0.078. The RMSEA value, in particular, met the widely accepted criterion of being below 0.08, reflecting an acceptable approximation of model fit (Browne & Cudeck, 1992; Arbuckle, 2006).

        Convergent and discriminant validity were examined through several indicators, including standardized factor loadings, Cronbach’s alpha, composite reliability (CR), and average variance extracted (AVE), as presented in Table 1. All items showed statistically significant factor loadings above the recommended threshold (Hair et al., 2010), and all AVE values exceeded the 0.50 threshold suggested by Fornell and Larcker (1981), indicating satisfactory convergent validity. Reliability measures for all constructs—Cronbach’s alpha and CR—were above 0.70, confirming internal consistency and construct reliability (Bagozzi & Yi, 1988).

        Table 2 summarizes discriminant validity. The strongest observed correlation among the latent variables was 0.836, remaining below the 0.850 limit, thereby supporting discriminant validity (Kline, 1998). Furthermore, the square roots of AVE for each construct were higher than the corresponding inter-construct correlations, providing additional confirmation of discriminant validity in accordance with Fornell and Larcker(1981) criteria.

        
          Table 2. 
				
          

          
            Discriminant validity of constructs
          
          

        

        
          
            
              	 
              	Self-product fit
              	Product attitude
              	Purchase intention
            

          
          
            	Self-product fit
            	0.782
            	0.664
            	0.836
          

          
            	Product attitude
            	0.441
            	0.666
            	0.665
          

          
            	Purchase intention
            	0.699
            	0.442
            	0.670
          

        

        
          
            Note. Diagonal elements represent AVE; below the diagonal are squared correlations (Φ²); above the diagonal are correlation coefficients.
          

        

        

      

      
        4.3. Common method variance
        To evaluate the potential influence of common method bias, Harman’s single-factor approach was applied using confirmatory factor analysis, where all observed variables were constrained to load onto a single latent factor, as recommended by Podsakoff et al. (2003). The resulting model demonstrated poor fit: χ²/df (44) = 237.444, GFI = 0.654, CFI = 0.779, NFI = 0.745, and RMSEA = 0.203, indicating that a single-factor structure did not adequately represent the data. A model comparison further confirmed this inadequacy; the one-factor solution fit significantly worse than the original multi-factor measurement model (Δχ2 = 169.541, Δdf = 3, p < .001). These results show that common method bias was not a serious issue in this study.

      

      
        4.4. Serial mediation analysis
        A serial mediation test was conducted using PROCESS macro (Model 6) with 5000 bootstrap samples (Hayes, 2017). The results showed that without a filter significantly increased perceived self-product fit (β = 0.745, SE = 0.263, 95% CI [0.224, 1.267]). Perceived self-product fit had a significant positive effect on product attitude (β = 0.513, SE = 0.064, 95% CI [0.386, 0.641]) and purchase intention (β = 0.511, SE = 0.076, 95% CI [0.361, 0.662]). Product attitude further had a significant positive impact on purchase intention (β = 0.266, SE = 0.091, 95% CI [0.085, 0.447]). These results are shown in Table 3.

        
          Table 3. 
				
          

          
            Serial mediation analysis results
          
          

        

        
          
            
              	Antecedent
              	Consequent
            

            
              	Self-product fit (M1)
              	Product attitude (M2)
            

            
              	Coeff
              	SE
              	
                t
              
              	
                p
              
              	Coeff
              	SE
              	
                t
              
              	
                p
              
            

          
          
            	Constant
            	3.465
            	0.356
            	9.725
            	.000
            	3.455
            	0.323
            	10.687
            	.000
          

          
            	Beauty Filter Use (X)
            	0.745
            	0.263
            	2.833
            	.000
            	-0.023
            	0.180
            	-0.129
            	.897
          

          
            	Self-product fit (M1)
            	 
            	 
            	 
            	 
            	0.513
            	0.064
            	7.993
            	.000
          

          
            	Product attitude (M2)
            	 
            	 
            	 
            	 
            	 
            	 
            	 
          

          
            	Model summary
            	R2 = 0.127, F (1,106) = 7.623, p < .001
            	R2 = 0.405, F (1,106) = 23.611, p < .000
          

          
            	Antecedent
            	Purchase intention (Y)
          

          
            	Coeff
            	SE
            	
              t
            
            	
              p
            
          

          
            	Constant
            	0.516
            	0.435
            	1.186
            	.238
          

          
            	Beauty filter use (X)
            	0.181
            	0.167
            	1.082
            	.282
          

          
            	Self-product fit (M1)
            	0.511
            	0.076
            	6.740
            	.000
          

          
            	product attitude (M2)
            	0.266
            	0.091
            	2.919
            	.004
          

          
            	Model summary
            	R2 = 0.598, F (1,106) = 38.353, p < .000
          

        

        

        The direct effect of filter usage on purchase intention was not significant (β = 0.181, SE= 0.167, 95% CI [–0.151, 0.512]). However, the total indirect effect through perceived fit and product attitude was significant (β = 0.477, SE = 0.172, 95% CI [0.161, 0.827]). Specifically, the indirect effect via perceived fit alone was significant (β = 0.381, SE = 0.141, 95% CI [0.130, 0.688]), while the indirect path through product attitude alone was not significant (β = –0.006, SE = 0.048, 95% CI [–0.100, 0.097]). The sequential indirect effect through both perceived fit and product attitude was significant (β = 0.102, SE = 0.053, 95% CI [0.025, 0.229]) (see Table 4 and Fig. 3). These findings support H1(a)(b)(c) and H2(a)(b)(c). Analyses excluding brand familiarity yielded similar results.

        
          Table 4. 
				
          

          
            Direct effect and indirect effect results
          
          

        

        
          
            
              	Dependent
              	Indirect path
              	Consequent
            

            
              	Effect
              	Boot SE
              	95% Confidence interval
            

            
              	LLCI
              	ULCI
            

          
          
            	Purchase intention
            	BFU→PI
            	0.181
            	0.167
            	-0.151
            	0.512
          

          
            	BFU→SPF→PI
            	0.381
            	0.141
            	0.130
            	0.688
          

          
            	BFU→PA→PI
            	-0.006
            	0.048
            	-0.100
            	0.097
          

          
            	BFU→SPF→PA→PI
            	0.102
            	0.053
            	0.025
            	0.229
          

        

        
          
            Note: BFU: Beauty filter use, SPF: Self-product fit, PA: Product attitude, PI: Purchase intention.
          

        

        

        
          
          

          Fig. 3. 
				
          

          
            Serial mediation model.
          
          

          

        

      

      
        4.5. Moderated mediation of body image
        To examine the moderating effect of body image, we followed Gelman and Park (2009) and Yim and Park (2019) in splitting the data into three groups representing negative, moderate, and positive body image. The moderate group was excluded, leaving participants with positive body image (Mpositive = 4.69, SD = 0.97) and negative body image (Mnegative = 2.48, SD = 0.73). The results of the ANCOVA revealed a marginally significant interaction effect of beauty filter usage and body image on perceived self-product fit (F (1, 103) = 3.49, p = .065, see Fig. 4). There was also a significant main effect of beauty filter usage (Mwith filter = 4.43, SD = 1.47 vs. Mwithout filter 5.03, SD = 1.31; F (1, 103) = 9.16, p = .003), whereas the main effect of body image was not significant (p = .830). Further pairwise analysis showed that when body image was positive, participants in the without-filter condition (M = 5.35, SD = 0.28) reported significantly greater perceived self-product fit than those in the withfilter condition (M = 4.07, SD = 0.27; F (1, 103) = 10.87, p = .001). No such difference was found among participants with a negative body image (p = .372). Thus, H3a was supported.

        
          
          

          Fig. 4. 
				
          

          
            Interaction effect of beauty filter use and body image on perceived self–product fit.
          
          

          

        

        To test H3b, a serial moderated mediation analysis (Process Model 83, 5,000 bootstraps; Hayes, 2017) was conducted with filter usage as the independent variable (0 = with filter, 1 = without filter), body image as the moderator, perceived self-product fit as the first mediator, product attitude as the second mediator, purchase intention as the dependent variable, and brand familiarity as the covariate. The results revealed a significant moderated mediation effect (β = 0.067, SE = 0.040, 95% CI = [0.010, 0.165]). In the positive body image (+1 SD), the moderated mediation effect was significant (β = 0.190, SE = 0.088, 95% CI = [0.059, 0.403]), but not for the negative body image (−1 SD) (β = 0.004, SE = 0.058, 95% CI = [-0.120, 0.120]) (see Fig. 5). Therefore, H3b was validated. Additional analyses excluding brand familiarity yielded consistent findings.
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            Moderated mediation model.
          
          

          

        

      

    

    

  
    
      5. General Discussion
      
        5.1. Summary of Findings
        This study examines how the use of beauty filters in AR jewelry virtual try-on affects consumers’ shopping decisions. The current results show that beauty filters influence consumers’ purchase intentions by affecting their self-product fit, which then impacts their product attitude and finally their intention to buy. In particular, this study also looks at how consumers’ body image evaluation moderates this path. The results show that presenting jewelry products in virtual try-ons without beauty filters can increase consumers’ perception of self–product fit. This result then indirectly improves their intention to buy. Unlike past studies, people often perceive filters as beneficial tools in everyday life and on social media. They help narrow the gap between the real self and the ideal self, enhance personal appeal and self-evaluation, and facilitate alignment between the self and product image, which in turn fosters more positive attitudes and behaviors (Javornik et al., 2021). However, this study focuses on AR virtual try-on. In this context, consumers are less concerned with achieving the ideal self and place greater emphasis on the authenticity and reliability of the visual experience. This is particularly salient in the case of jewelry—a luxury category rooted in identity expression and personalized value. While filters may enhance appearance at an idealized level, they simultaneously diminish the perceived realism of the product display. As a result, consumers may question the validity of the virtual try-on, weakening the perceived fit between the self and the product (Nann et al., 2024; Taheran et al., 2024). Overall, this results in negative product attitudes and lower purchase intention. These findings highlight that the impact of filter use is highly context-dependent. In social media or everyday shopping settings, filters may reinforce the ideal self and generate positive effects. By contrast, in AR virtual shopping, authenticity becomes the dominant factor shaping consumer evaluations. When the pursuit of an ideal look conflicts with perceived authenticity, consumers prioritize experiences that align more closely with reality. Drawing on self-congruity theory (Sirgy et al., 2008), when consumers perceive that a product matches their self-image, they experience stronger psychological identification and more favorable evaluations, which in turn enhance purchase intention (Lee et al., 2012). Within AR try-on services, avoiding filters reduces psychological distance from one’s self-image (Ozimek et al., 2023; Ryding & Kuss, 2020). This increases perceived authenticity of the product display, thereby strengthening consumers’ intention to purchase.

        Self–product fit and product attitude in virtual try-ons are recognised as key psychological factors influencing purchase intention (Sirgy, 2008; Malär et al., 2011; Javornik et al., 2021). While it was initially expected that the absence of beauty filters would directly increase purchase intention through enhanced self–product fit, the results reveal a more nuanced mechanism. Specifically, virtual try-ons without beauty filters significantly strengthen consumers’ perceived self–product fit, which in turn improves product attitude.

        Although beauty filters create an idealised appearance, they simultaneously undermine perceptions of authenticity. As a result, consumers may doubt the product’s true alignment with their self-image, leading to weaker self–product fit and consequently less favourable product attitudes. Thus, filters do not directly alter product attitude but instead exert their influence through the mediating role of self–product fit.

        Importantly, the findings also indicate that self–product fit alone does not directly affect purchase intention. Rather, product attitude serves as the crucial mediator. As a comprehensive psychological evaluation, product attitude reflects consumers’ overall assessment of the product and plays a central role in purchase decisions (Boyland & Halford, 2013; Yao & Huang, 2017). Therefore, product attitude is confirmed as the key mechanism linking AR virtual try-on experiences to purchase intention, particularly in contexts where authenticity is paramount.

        The results indicate that body image moderates the impact of beauty filters on perceived self–product fit. Specifically, the effect of beauty filters on self–product fit is stronger among consumers with high body image. Those who are more satisfied with their appearance tend to prefer realistic, unedited visual presentations. For them, the idealized images produced by beauty filters may conflict with their actual self, thereby weakening their perceived fit with the product and diminishing positive evaluations (Malär et al., 2011; Javornik & Pizzetti, 2017). Furthermore, the findings lend support to self-discrepancy theory (Higgins, 1987). Beauty filters can exacerbate the gap between a consumer’s ideal self and actual self, reducing the psychological sense of fit with the product.

      

      
        5.2. Theoretical Implications
        This study makes two main theoretical contributions to existing research. First, it advances academic understanding by clearly evaluating the role of beauty filters in AR experiences and examining how they influence self–product fit and product attitude through psychological processes. While prior research on AR virtual try-ons has largely focused on technical aspects such as interaction, realism, and visual immersion (Song et al., 2020), far fewer studies have explored the underlying psychological mechanisms. In particular, little attention has been paid to how visual presentations, such as the use of filters, shape self-perception and product evaluation. Moreover, there has been no clear consensus on how to measure the effects of beauty filters in AR try-on contexts.

        Grounded in self-congruity theory (Sirgy, 2008) and self-discrepancy theory (Higgins, 1987), this study introduces self–product fit as a key measure of psychological processes in AR virtual try-ons. It demonstrates that virtual try-ons without beauty filters enhance consumers’ self–product fit, which subsequently improves product attitude and purchase intention. These findings provide new evidence of the psychological effects of visual self-presentation and address a gap in the AR literature concerning the role of visual realism in shaping consumers’ psychological fit with products. In particular, this study clarifies the pathway by which self–product fit influences product attitude, thereby offering a deeper understanding of consumer psychology in virtual retail settings.

        Second, this study challenges prior research that emphasizes the positive role of beauty filters in daily life and social media—where they are thought to enhance consistency with the ideal self and improve self-presentation (Javornik et al., 2021; Sirgy, 2008). In contrast, the results show that within AR virtual try-ons, beauty filters diminish perceptions of authenticity, reducing self–product fit and consequently lowering product attitude and purchase intention. This effect is especially salient in the context of jewelry, a product category with strong symbolic meaning and identity expression. Compared with fashion or cosmetics, jewelry try-ons depend more heavily on authenticity, making the “unreality” caused by filters more pronounced. By focusing on jewelry, this study not only fills a gap in AR try-on research but also extends theoretical understanding of the limits of AR technology in high-value product categories.

        In addition, this study confirms that consumers’ individual characteristics—particularly body image—play an important moderating role in AR virtual try-ons. This addresses a gap in prior research, which has paid limited attention to individual differences. Although some studies have noted the potential influence of body image on consumer responses in AR environments (Yim & Park, 2019), few have examined how body image shapes psychological responses and purchase decisions in relation to filter use.

        The findings reveal that consumers’ satisfaction with their appearance strongly affects their acceptance of beauty filters. Specifically, those with higher body image prefer realistic, unedited visual presentations. This extends insights from self-discrepancy theory by showing how differences between the ideal and real self affect consumer behavior in AR contexts. It also demonstrates the moderating role of body image in shaping self–product fit, product attitudes, and purchase intentions. By clarifying these interactions, the study expands the applicability of body image research to immersive shopping experiences and provides a foundation for future investigations into how consumer traits interact with AR environments.

      

      
        5.3. Managerial Implications
        When designing such services, firms should carefully consider the potential negative psychological impact of beauty filters and avoid focusing solely on visual appeal. The findings demonstrate that realistic virtual displays, compared to images enhanced with idealized filters, significantly improve consumers’ psychological fit with products. Accordingly, companies should prioritize AR systems capable of accurately recognizing users’ real facial and body features to ensure authenticity in product presentation. High-fidelity displays allow consumers to examine details such as the material and texture of jewelry more closely, thereby strengthening product attitudes and purchase intentions. For jewelry and other high-value accessory categories in particular, authenticity—not beautification—should be the guiding principle in AR try-on design.

        Second, this study shows that consumers’ body image strongly influences the effectiveness of AR try-on experiences. Managers should therefore pay close attention to differences across consumer groups. The results indicate that consumers with higher body image satisfaction perceive lower self-product fit and demonstrate weaker purchase intentions when beauty filters are applied. Accordingly, companies should be cautious with—or even avoid—overly beautifying filters when designing virtual try-on functions. Instead, firms can enhance the try-on experience by improving the accuracy of AR modeling, as well as the realism of textures and lighting, rather than relying on filters. Brands may also benefit from offering personalized options, such as allowing users to adjust filter use or intensity to match their preferences. Moreover, strengthening emotional engagement and interactivity—through features like multi-angle views or dynamic try-on simulations—can further enhance product attitudes and boost purchase confidence.

        Finally, companies expanding online should integrate AR virtual try-on services. While online shopping is widespread, many consumers hesitate due to the inability to test products physically. Highly realistic AR try-ons address this barrier by immersing consumers in the shopping process and increasing decision confidence. The technology is widely accessible through smartphones and other mobile devices, making adoption simple. By providing high-quality AR try-on experiences, firms can strengthen purchase intention, enhance decision satisfaction, and improve both sales performance and customer experience.

      

      
        5.4. Limitations and Future Research
        This study has several limitations that future research should address. First, the beauty filters examined were based on existing AR jewelry try-on applications, which limited the degree of control over filter effects. The study primarily compared consumer perceptions of using versus not using beauty filters and explored how these perceptions influenced psychological states and purchase intentions. However, because of restrictions in commercial applications, it was not possible to precisely manipulate or adjust the intensity of the filters (e.g., varying levels of beautification). As a result, this study could not fully investigate how different levels of filter intensity influence self–product fit or psychological ownership. Future research could overcome this limitation by developing or customizing AR try-on systems that allow for fine-tuned adjustments of filter strength. This would enable a more detailed analysis of how varying degrees of beautification interact with consumer characteristics—such as body image—while also providing greater control over individual differences in perception.

        Second, this study focused on current AR virtual try-on applications and targeted potential users—specifically women aged 18–30. This limits the generalizability of the findings to more diverse groups, such as older adults and men, who may respond differently. Prior research suggests that younger consumers are generally more technologically adept and experience less anxiety when adopting new technologies (Vishwanath & Goldhaber, 2003), making them more receptive to AR try-on services. By contrast, older consumers often face greater challenges in technology adoption. Gender differences may also influence responses: compared to men, women tend to place greater importance on direct product experiences, which AR try-ons replicate more effectively than traditional online shopping formats. Consequently, AR try-ons may enhance women’s shopping experiences to a greater extent than men’s (Garbarino & Strahilevitz, 2004). These findings suggest that the positive effects identified in this study may be less pronounced among older consumers or men. Future research should therefore include more diverse demographic groups and investigate whether age and gender moderate the influence of beauty filters on purchase intentions in AR try-on settings.

        Finally, the study’s relatively small sample size presents another limitation. Although the use of PROCESS analysis and bootstrapping techniques can partially mitigate the impact of small samples on reliability (Hayes, 2017), and statistical checks (e.g., G*Power) indicated adequate statistical power, the sample was still limited in scope—focusing primarily on young women of similar age and occupational backgrounds. While young women are commonly used in studies of emerging technologies such as AR try-ons, this approach does not fully address issues of generalizability. Future studies should employ larger, more diverse samples to provide stronger external validity and to ensure that findings can be extended to a wider population.
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