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            Abstract
          
        

        
          Contemporary consumers’ acceptance of second-hand products has been increasingly improving worldwide, especially in China. Based on the Extended Unified Theory of Acceptance and Use of Technology, we developed and empirically validated a research framework to predict consumers’ motivation to use re-commerce platforms. We explored the diverse factors influencing mobile commerce usage through re-commerce platforms. Furthermore, this study investigated the role of gender differences as a factor moderating the association between several constructs and the intention to use re-commerce platforms. A total of 226 consumer responses were collected. The results indicated that hedonic motivation, performance expectancy, consumer habits, social influence, and price value affect consumers’ attitudes toward re-commerce platforms. The effects of the attitude toward re-commerce platforms on the intention to use these platforms were also statistically significant. When effort expectancy, hedonic motivation, and consumer habits in re-commerce platform usage increase, male consumers’ attitude toward its usage, in particular, also increases. Meanwhile, when performance expectancy, hedonic motivation, and consumer habits in re-commerce platform usage increase, the attitude toward its usage increases among female consumers. Moreover, our results indicate that the two gender groups present different characteristics regarding re-commerce platform usage. Therefore, this study offers a theoretical basis for future analyses of second-hand trade.
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      1. Introduction
      With the depletion of the Earth’s natural resources, encouraging self-restrictive behaviors, including product reuse, is essential in contemporary society. Second-hand consumption has become increasingly popular worldwide, particularly in China. Chinese re-commerce has grown significantly on platforms such as Hong Bu Lin, Xian Yu, and Zhuan Zhuan. This phenomenon is reflected in the the “re-commerce market”, which has increased by 70%, from CNY 742 billion in 2018 to CNY 1.25 trillion(approximately $178 billion) in 2020(Weinswig, 2020). Second-hand products were primarily purchased by customers born after 1985, who are influenced by perceived economic value. This trend is also attributed to the continuous emphasis on reuse and recycling(Liang & Xu, 2018).

      Owing to its growing popularity, the concept and motivation underlying second-hand consumption through pre-owned goods platforms have been redefined(Ferraro et al., 2016). As Ginsburg (1980) stated, nineteenth-century consumers purchased used products primarily for economic reasons, and most transactions were conducted offline. However, modern re-commerce platforms are more convenient and diverse, and used goods are more valuable now than earlier(Wang et al., 2022). Therefore, researchers worldwide have attempted to explain the rapid growth of second-hand commerce(Hur, 2020; Mohammad et al., 2021; Peña-Vinces et al., 2020).

      China’s pre-owned goods market has received scarce research attention. Previous studies have investigated re-commerce across different contexts and countries(Isla, 2013; Park, 2021; Park & Cheon, 2020; Park & Kim, 2021; Xu et al., 2014). However, they have primarily focused on the context of second-hand luxury fashion platforms(Boardman et al., 2022) and second-hand university goods platforms in China(Liu et al., 2022b). Therefore, current re-commerce studies cannot explain the rapid growth among Chinese consumers. Owing to the limitations of such literature, the use intention of second-hand luxury goods and campus goods platforms may not fully reflect Chinese users’ behavior, necessitating further research on this phenomenon. It is also critical to explore an integrated model evaluating the factors affecting the adoption of re-commerce platforms to determine how their application is affected in this context.

      Many studies have used the Unified Theory of Acceptance and Use of Technology (UTAUT)as a basic model. Other studies have extended the UTAUT model by integrating existing theories to explain technology usage in specific contexts. The UTAUT mainly includes three types of extended applications: application to new environments(e.g., new technologies, users, and cultures); addition of structures to improve the quality of the endogenous theoretical mechanisms described in the UTAUT; and introduction of new elements and expansion of the UTAUT’s theoretical boundaries to enhance its explanatory ability. Venkatesh et al.(2012) introduced the Extended UTAUT (UTAUT2) to expand the model’s applicable scope and interpretability. They proposed three new constructs (price value, hedonic motivation, and habit) that directly influence behavioral intentions. The two models fundamentally differ in the creation of new structures and relationships. The UTAUT2 thus provides a more comprehensive view of the factors influencing behavioral intentions, ultimately leading to an improved understanding of individuals’ technology acceptance and use(Nikolopoulos & Likothanassi, 2017). Furthermore, the UTAUT2 is an effective model for studying users’ technology acceptance behavior(Oliveira et al., 2016).

      The UTAUT2 is considered appropriate for this study as it integrates seven constructs (i.e., price value, effort expectancy, social context, performance expectancy, consumer habit, facilitating situations, and hedonic tendency) that are highly related to mobile commerce adoption (Venkatesh et al., 2012). Furthermore, it has been widely adopted to explain m-commerce user behavior (Chopdar et al., 2018; Teo et al., 2015). This study investigates attitudes and intentions toward using mobile or online second-hand shopping platforms while considering gender differences using the UTAUT2 (Venkatesh et al., 2012). It examines intention-to-use behavior using variables such as social influence, hedonic motivation, facilitating conditions, effort expectancy, consumer habits, performance expectations, and price value.

      Specifically, this study explores potential motivations for and barriers to Chinese consumers’ use of re-commerce platforms. Furthermore, it analyzes whether gender differences can contribute to differences in these platforms’ usage behavior. In addition to filling a research gap on re-commerce platforms in China, this study provides valuable insights into how platform managers can better develop successful marketing strategies to attract customers and improve second-hand industry development.

    

    

  
    
      2. Theoretical background
      
        2.1. Online re-commerce market
        In recent years, sustainable living has become a trend in response to concerns about global climate change and environmental risks. Shopping for second-hand goods enables consumers to feel more responsible and eco-conscious while enjoying various products at lower prices. Similarly, second-hand e-commerce—also known as re-commerce or resale e-commerce—encompasses the second-hand shopping process on the Internet(Statista Research Department, 2022). Digital transformation has also affected the second-hand goods market. Traditionally offline platforms have transformed into online platforms accessible through websites and mobile devices. These online platforms facilitate consumer-to-consumer (C2C) transactions, which have increased dramatically. Notably, for Millennials (born 1981–1995) and Generation Z (born 1996-2005) (MZ generation), who have a high digital utilization rate, second-hand goods buyers are described as “third consumers,” changing people’s perception of pre-owned goods. The MZ generation recognizes that new goods will also become second-hand at the moment of purchase; therefore, they are not attached to the notion of “new” but choose to consume second-hand goods at reasonable prices(Kim, 2021). Moreover, research on Chinese consumers has also indicated that compared to older people, younger consumers(born after 1990) presented a higher motivation to purchase pre-owned products(Liang & Xu, 2018). Moreover, in September 2021, the “2021 China Idle Second-hand Trading Carbon Emission Reduction Report,” published by an international consulting firm and the Institute of Energy and Environmental Economics, Tsinghua University, showed that pre-owned merchandise transactions in China increased from CNY 300 billion in 2015 to CNY 1 trillion in 2020(Observation, 2021). This study focuses on the MZ generation of Chinese consumers considering the popularity of re-commerce among younger consumers (Arman & Mark-Herbert, 2022).

        Previous research has investigated mobile second-hand purchasing intentions and motivations to reveal that pre-owned goods consumption is motivated by several factors, including critical, economic, hedonic(Guiot & Roux, 2010; Roux & Guiot, 2008), and fashion preferences(Ferraro et al., 2016). Moreover, in addition to auction and retail websites, the re-commerce platform is a widely chosen business model supporting the transaction of previously used products via the Internet. With current research investigating the use of re-commerce platforms as a driver of mobile commerce usage, this study investigates seven constructs of platform usage, focusing on used product commerce apps and the factors that influence their use.

      

      
        2.2. The UTAUT2 and intention to use re-commerce platforms
        Prior to the UTAUT, the academic community mainly used eight theoretical models—the Innovation Diffusion Theory(IDT), Technology Acceptance Model(TAM), Model of Personal Computer Utilization(MPCU), Theory of Planned Behavior(TPB), Social Cognitive Theory (SCT), Theory of Reasoned Action(TRA), Combined TAM and Theory of Planned Behavior(C-TAM-TPB), and Motivational Model(MM)—to explain users’ technology use intentions and behaviors(Chang, 2012). However, in terms of application, these eight models have different emphases. They are also limited by a single perspective and incomplete data regarding intentions and behaviors (Chang, 2012). To address these limitations, the UTAUT model of Venkatesh et al. (2003) considered factors affecting users’ behavior, including facilitating conditions, social influence, effort expectancy, and performance expectancy. It also incorporated moderating factors such as gender, voluntariness, age, and experience, which may further modify users‘ behavior. The UTAUT was initially proposed for organizational use and explained employees’ technology use intentions and behaviors. To explore users’ technology use intentions and behaviors in non-organizational contexts, Venkatesh et al.(2012) adjusted the UTAUT model structure to incorporate the consumer use perspective, thus proposing the UTAUT2, which added three elements: price value, hedonic motivation, and consumer habit as determinants of technology use intention and behavior, while retaining three moderators: gender, experience, and age.

        When emotions such as enjoyment are involved in technology acceptance, hedonic motivation becomes an important predictor (Tamilmani et al., 2019). Moreover, customers’ consumption experiences determine their attitudes toward hedonic items. Furthermore, individuals may become more accustomed to commerce platforms with frequent use(Tak & Panwar, 2017). Research findings also prove consumer addiction to online commerce. The availability of “app-only discounts” in most commerce apps attracts many value-driven customers to shop via apps instead of other channels(Tak & Panwar, 2017). Price value plays an important role in second-hand shopping platforms, thereby determining consumers’ technology acceptance and use. Although re-commerce platforms are practical, consumer acceptance and use are still determined by habitual, hedonic, and price-related consumer motivations. Therefore, we adopted the UTAUT2 model because it more comprehensively explains re-commerce platforms' usage.

        
          2.2.1. Performance expectancy
          In communication technology, a consumer’s performance expectancy refers to their perception that an app will help them achieve their goals(Venkatesh et al., 2003). It highlights the technology’s likely utility, which is considered an essential predictor of technology adoption in major technology acceptance theories. Based on the original TAM specification, performance expectancy further enriches the understanding of perceived technology usefulness(Chopdar et al., 2018). It is necessary to assess how consumers appraise the benefits that they reap from the app, which helps them perform online commerce activities. Several performance expectancy constructs are perceived measures: comparative advantage, job fit, extrinsic motivation, usefulness, and outcome expectations. Perceived usefulness is a major factor influencing consumers’ platform decisions(Venkatesh et al., 2003). Alalwan et al.(2016, 2017) showed that consumers are more likely to adopt specific technologies that they consider useful in their daily lives. Therefore, the higher the perceived utility of an application, the more likely are consumers to use it(Taiwo & Downe, 2013). Furthermore, various researchers have investigated social media adoption(Zolkepli & Kamarulzaman, 2015), online purchases(Jusoh & Ling, 2012), and shopping apps(Chopdar et al., 2018). Recommendations for re-commerce platforms, such as their time efficiency and affordability of pre-owned goods that meet consumer expectations, motivate adoption. Thus, the following hypothesis is proposed:

          H1-1. Performance expectancy positively impacts consumers’ attitude toward re-commerce platforms.

        

        
          2.2.2. Effort expectancy
          Effort expectancy refers to the “degree of ease associated with consumers’ use of technology,” determined by the perceived ease of use(PEOU) from TAM(Chopdar et al., 2018; Venkatesh et al., 2012). New technology adoption is influenced by the effort required to use it(Davis et al., 1989). Therefore, the easier a technology is to use, the more likely will consumers be to use it. The positive impact of PEOU on m-commerce platforms has been validated in Wei et al.(2009)’s research. Effort expectancy has demonstrated a strong relationship with customer attitudes toward apps(Jeong, 2019). According to Sharma et al.(2020), effort expectancy affects consumer attitudes toward online services. Previous studies have shown that effort expectancy positively affects behavioral intentions in the context of mobile payments(Dennehy & Sammon, 2015) and online channels(Zhang et al., 2017). This study identifies consumers’ expectations of ease of use when using re-commerce platforms. Thus, the following hypothesis is proposed:

          H1-2. Consumers' effort expectations positively impact their attitude toward re-commerce platforms.

        

        
          2.2.3. Social influence
          Venkatesh et al. (2012) proposed that social influence refers to “the degree to which others think the user should adopt a particular technology.” Eastman et al.(1999) defined status demand as “the tendency to buy services or products to obtain the status or social influence conferred on the owner of goods and services.” Consumers with a high need for social influence or status tend to prioritize goods that procure influence and status(Eastman et al., 1999). People with a high need for social impact are inclined to choose products or brands that indicate their affiliation to a particular status or a wealthy group(Johnson et al., 2018). Hence, people who care about social impact have a negative perception toward buying used products(Silva et al., 2021) and are not keen on the use of second-hand platforms. Moreover, Styvén and Mariani (2020) revealed that societal motivations influence consumers’ behavior. Consumers are usually worried about the embarrassment and stigma related to people with lower socioeconomic status(Lo et al., 2019). Second-hand goods acquired via e-commerce apps may cause consumers to express anxiety and fear about their self-image. Thus, despite gaining satisfaction, hedonic or ethical benefits, shoppers remain self-conscious when using second-hand shopping apps(Hur, 2020). Studies have shown that consumers are reluctant to reveal that they shop on second-hand shopping platforms because of financial difficulties. In particular, Cervellon et al. (2012) proved that high demand for social influence had a negative effect on attitudes toward using re-commerce platforms and willingness to pay. Moreover, social embarrassment negatively influences second-hand platforms’ usage and the purchase of second-hand products(Silva et al., 2021). In this study, social influence represents consumers’ perceptions of themselves as affected by the people around them when using re-commerce platforms. Thus, the following hypothesis is proposed:
										

          H1-3. Social influence negatively impacts consumers’ attitudes toward re-commerce platforms.

        

        
          2.2.4. Facilitating conditions
          According to Venkatesh et al.(2011), facilitating conditions are users’ perceptions of the skills available to conduct certain behaviors. This perception can affect the motivation to engage with technology and determine whether a user has the confidence to complete a task. Facilitating conditions influence customers’ attitudes toward re-commerce platforms and also positively affect their attitudes toward mobile apps(Jeong, 2019). Therefore, convenience and the speed of adoption are crucial indicators promoting the use of second-hand shopping platforms, especially for consumers who are learning to use such technology. A facilitating condition encompasses the knowledge and skills needed to influence consumer attitudes toward re-commerce platforms. It is hypothesized that re-commerce platforms will be well received by consumers when the right facilitating conditions exist. Alalwan et al.(2017) encouraged consumers to adopt technologies through support and resources, suggesting that these technologies should be compatible with previously used technologies. Theoretically, the significant impact of convenience on behavioral intent and usage behavior has been revealed by online shopping(Tandon, 2021) and mobile app shopping(Thusi & Maduku, 2020) research. Numerous studies have found that facilitating conditions affects consumers’ attitudes based on the UTAUT2(Alalwan et al., 2017; Chang et al., 2019; Jeong, 2019; Nikolopoulos & Likothanassis, 2017).

          Thus, the following hypothesis is proposed:

          H1-4. Facilitating conditions positively impact consumers’ attitudes toward re-commerce platforms.

        

        
          2.2.5. Hedonic motivation
          Hedonic motive refers to the value and pleasure that consumers derive from purchased goods or the services offered by platforms, mobile payment methods, and social networking sites (Dennehy & Sammon, 2015; Herrero et al., 2017; Tamilmani et al., 2019). To an extent, consumers’ attitude toward hedonic products is determined by their exceptional intrinsic consumption experience(Holsapple & Wu, 2007). The UTAUT2 has confirmed that hedonic motivation is an important predictor of online purchases(Hew et al., 2015) and second-hand clothing shopping(Xu et al., 2014). The characterization of used goods has shifted from being a cheap, functional commodity that satisfies the needs of the “poor” to being desirable and actively pursued across classes and spaces(Milgram, 2004). Furthermore, hedonic motivation is another elementary factor in second-hand shopping(Roux & Guiot, 2008). As pre-owned merchandise offers consumers the chance to obtain unique items at affordable prices via second-hand platforms, buying them is also associated with the excitement of finding a good deal(Weil, 1999). Moreover, hedonic motivation has also positively influenced consumers’ attitudes toward mobile apps (Jeong, 2019). In this study, hedonic motivation is measured through the pleasure gained from re-commerce platform usage, and the following hypothesis is proposed.

          H1-5. Hedonic motivation positively impacts consumers’ attitudes toward re-commerce platforms.

        

        
          2.2.6. Price value
          Price value refers to “users’ cognitive trade-offs among beneficial and valuable cost” (Venkatesh et al., 2012). Monetary cost is often related to product quality or service conceptualization to determine perceived product or service value in marketing research (Zeithaml, 1988). Venkatesh et al.(2012) followed prior research and defined price value, which is vital in consumers’ beneficial perceptions(Dodds et al., 1991). Consumers assess various product-related factors when purchasing a new product(Silva et al., 2021). However, when they use second-hand shopping platforms to buy second-hand products, several elements, such as price value(Laitala & Klepp, 2018), are added to consumers’ attitudes toward second-hand platforms and the buying decision equation. Fundamentally, in their designed framework for understanding second-hand buying motivations, Guiot and Roux(2010) stated that economic factors are one of three motivations (i.e., critical, economic and recreational motivations). Styvén and Mariani (2020) observed that re-commerce platform users are revealed as “highly economically-oriented bargain hunters,” essentially motivated to use and buy second-hand products. Most commerce apps offer “app-only discounts,” which may attract value-driven customers to shop via apps as opposed to other channels(Tak & Panwar, 2017). Moreover, price-saving is considered an essential element of purchase intention for e-commerce websites(Escobar-Rodríguez & Carvajal-Trujillo, 2014). Compared to traditional thrift stores, consumers can find detailed and intuitive product features, realtime interactions (such as live streaming), and opportunities to bargain on second-hand shopping platforms(Hur, 2020). Previous studies have added price value to theoretical models as a critical determinant of consumers’ adoption of new technologies(Chang et al., 2019; Venkatesh et al., 2012). Price and cost are the most relevant aspects for users, determining buyers’ evaluation and perception of the value of goods or services(Xu et al., 2014). Therefore, we hypothesize the following:

          H1-6. Price value positively impacts consumers’ attitude toward re-commerce platforms.

        

        
          2.2.7. Consumer habit
          Habits represent the degree to which individuals automatically perform certain behaviors after learning, as a result of previous behaviors(Venkatesh et al., 2012). This implies that when consumers become accustomed to using certain technologies, they are more likely to stick with them, and such habits affect their decisions regarding using innovative technologies(Chang et al., 2019; Jeong, 2019). Habit is related to automaticity and the belief that consumers would want to engage in a particular behavior based on previous knowledge(Isa & Wong, 2015). Moreover, habit plays an important role in technology use(Venkatesh et al., 2012). Continuous commerce systems tend to get individuals accustomed to using them, and a considerable number of consumers habitually prefer to remain online(Tak & Panwar, 2017). Furthermore, habit is claimed to positively influence consumer attitudes toward mobile apps(Jeong, 2019). As second-hand shopping platforms in China diversify, they are becoming increasingly popular and have become habitual for young users(Wang et al., 2022). Habit has a significant effect on online platform shopping(Nasidi et al., 2022), second-hand shopping(Wang et al., 2022), and mobile shopping platform usage(Tak & Panwar, 2017). Thus, the following hypothesis is proposed:

          H1-7. Consumer habit positively impacts their attitude toward re-commerce platforms.

        

        
          2.2.8. Consumers’ attitude toward re-commerce platforms usage
          Previous research(Taylor & Todd, 1995) has highlighted the essential role that consumers’ attitudes play in revealing individuals’ technology acceptance(Dwivedi et al., 2017). Different technology adoption models, such as the TAM and UTAUT(Davis et al., 1989; Venkatesh et al., 2003), have revealed that behavioral intention affects usage behavior. The TAM indicates that consumers with a more positive attitude to usage behavior are more likely to engage in such behavior. Evidence suggests a significant correlation between consumers’ attitude and use behavior (Ajzen, 2002; Padmavathy et al., 2019; Sung, 2013; Tak & Panwar, 2017). Ajzen(2002) also showed that consumers’ attitudes significantly determine use behavior. Tak and Panwar(2017) and Padmavathy et al.(2019) studied MZ generation consumers who shop online based on the UTAUT2 model. They found that consumers’ positive attitudes impacted their buying decisions. Additionally, Sung (2013) revealed that attitudes positively influenced fashion app usage. According to this study, consumers’ attitudes toward re-commerce platforms are expected to impact the use of re-commerce platforms positively. Thus, the following hypothesis is proposed:

          H2. Consumers’ attitude toward re-commerce platforms positively impacts the intention to use re-commerce platforms.

        

      

      
        2.3. Gender differences based on the UTAUT2
        Previous studies have amply demonstrated that the “gender gap” in information technology (IT) acceptance, technology acceptance, and mobile application adoption makes a difference (Ameen et al., 2018; Chang et al., 2019; Kwateng et al., 2018). A study on online hotel booking showed that the relationship between performance expectancy and behavioral intention, and the relationship between social influence and behavioral intention was moderated by gender gap (Chang et al., 2019). The results showed that performance expectancy influenced behavioral intention higher for men than women, as women were more likely to express technological anxiety(Todman, 2000). Social influences influenced behavioral intention more significantly for men than for women. This is because men pay more attention to “saving face” in society(Lang & Zhang, 2019). Kwateng et al.(2018) indicated that there is a significant difference in the use of mobile banking between men and women. The price value, effort expectancy, and facilitating conditions have a higher impact on behavioral intention among women than men. However, habit and performance expectancy have a more substantial influence on behavioral intentions among men than women. This is because women tend to focus more on the magnitude of the effort involved and the process of achieving goals. In contrast, men focus more on overcoming different constraints and challenges to achieve their goals(Kwateng et al., 2018; Venkatesh & Morris, 2000). The research of Ameen et al.(2018) reveals the differences in the use of smartphones and applications between male and female consumers in the United Arab Emirates(UAE) and Jordan due to culture and stereotypes. Regarding Jordanian, the performance expectancy and price value have a higher impact on behavioral intentions among men than women. In the UAE sample, the effect of price value and habit on behavioral intentions was higher in men. This is related to the low usage of smartphones and mobile applications among females in Arab countries, so they know less about the benefits of smartphones(Ameen et al., 2018). In both countries, the price value perception of smartphones and mobile applications was higher among men than women. This is because women are economically dependent on men, and men bear the primary financial responsibility in the family(Kelly & Breslin, 2010).

        Gender can moderate the effects of seven behavioral intention constructs based on the UTAUT and UTAUT2 models(Ameen et al., 2018; Chang et al., 2019; Kwateng et al., 2018). However, past studies have ignored the moderating effect of gender on the relationship between attitude and intention to use (Venkatesh et al., 2003, 2012). Venkatesh et al. (2012) investigated how gender moderates the effect of price value, hedonic motivation, facilitating conditions, and consumer habit on behavioral intention. A defining feature of this study is that it examined how all the factors (except the relationship between price value and attitude) are moderated by gender. This is because, in terms of consumers’ shopping behavior, gender differences are a significant predictor of consumer motivation, psychographics, and purchase behavior (Hou & Elliott, 2010). For example, research reports that men are more likely to be motivated by convenience-seeking and an efficient shopping experience, whereas women are more likely to be motivated by hedonic and a desire for uniqueness when shopping (Noble et al., 2006). Influenced by China’s cultural background, men generally pay more attention to social influence than women (Lang & Zhang, 2019). In addition, the fields of psychology and economics have revealed many types of gender differences, such as the differences in generation gaps, attitudes, and social preferences caused by gender differences (Croson & Gneezy, 2009; Jackson et al., 2001; Liang & Xu., 2018; Noble et al., 2006). The prominence of gender differences can be observed in how marketers and advertisers target specific genders (Mehta, 2020). Understanding these differences may help researchers effectively determine the individual needs of the two gender groups (Kim et al., 2007). Thus, in this study, we expect that gender is a moderating variable in re-commerce platform research. Based on prior research, the following hypothesis is proposed:

        H3. Depending on consumers’ gender, the six constructs of re-commerce platforms are mediated by consumer attitudes, which have different effects on the willingness to use the platform.

        Women rate perceived usefulness higher than men(Gefen & Straub, 1997). Moreover, women were more likely to express technological anxiety(Todman, 2000). In addition, gender seems to moderate the relationship between performance expectancy and behavioral intentions (Chang et al., 2019; Merhi et al., 2021). Performance expectations on consumer attitudes may be moderated by gender. The following hypothesis is thus proposed:

        H3-1. The relationship between consumers’ perceived performance expectancy and attitude toward re-commerce platforms is moderated by gender.

        Several studies have confirmed that gender moderates the effect of effort expectancy on attitudes. The relationship between effort expectancy and consumer attitudes toward using mobile learning and mobile banking is influenced by gender(Merhi et al., 2021; Wang et al., 2009). In line with previous research, our study asserts that when consumers use re-commerce platforms, the perceived effort expectancy of second-hand shopping apps may vary substantially between the two genders. The following hypothesis is proposed:

        H3-2. The relationship between consumers’ perceived effort expectancy and attitude toward re-commerce platforms is moderated by gender.

        Morris and Venkatesh(2000) showed a moderating effect of gender on the relationship between social influence and attitudes. Specifically, gender significantly moderates the relationship among these variables when examining employee acceptance of information systems in financial institutions. The impact of this relationship is more significant for men. Likewise, Chang et al.(2019) reported that social influence’s impact on attitudes was moderated by gender in online hotel booking, and the effect was more significant for men. Merhi et al. (2021) showed that gender differences influence the relationship between social influence and behavioral intentions. Our study hypothesizes that this effect is also present in re-commerce platforms. Thus, the following hypothesis is proposed:
								

        H3-3. The relationship between consumers’ perceived social influence and attitudes to re-commerce platforms is moderated by gender.

        According to Dittmar et al.(2004), technology and e-commerce acceptance research addresses gender differences in buying behavior. Venkatesh et al.(2003) and Venkatesh et al. (2012) reported that the effect of facilitation on behavioral intentions was higher in women than in men. Therefore, when online shopping provides conducive conditions for users, women will increase their goodwill toward the platform and likely increase their use (Dittmar et al., 2004). Accordingly, if the platform provides convenient conditions for women users, they may have a more favorable impression of the platform compared to men who are good at technology use. We theorize that this effect is also present in re-commerce platforms research. Thus, the following hypothesis is proposed:

        H3-4. The relationship between consumers’ perceived facilitating conditions and attitudes to re-commerce platforms is moderated by gender.

        Previous research has shown that online shopping appears to have psychologically and emotionally inclusive effects on female adolescents compared to their male peers(Yang & Wu, 2006), who focus on results and obtaining actual goods with minimal effort. When shopping online, women are more involved in the purchase and more motivated by emotional factors (hedonic motivation, pleasure, and well-being) than men(Huang & Yang, 2010). In other words, when female consumers use re-commerce platforms, they pay more attention to the hedonic motive than men and have more vital goodwill toward the platform. Moreover, based on the UTAUT2, Merhi et al.(2021) showed that the effect of hedonic motivation on behavioral intentions was moderated by gender. From this, it can be hypothesized that:

        H3-5. The relationship between consumers’ perceived hedonic motivation and attitude toward re-commerce platforms is moderated by gender.

        The effect of habit on behavioral intentions can be moderated by gender(Merhi et al., 2021; Venkatesh et al., 2012). Re-commerce platforms’ usage is becoming a popular activity among younger consumers, and the pursuit of leisure has become an essential driving factor for young female users compared to their male counterparts(Wang et al., 2022). When women habitually use second-hand shopping apps for shopping or browsing, they have a better attitude toward such apps and continue to use second-hand shopping platforms. We hypothesized that female consumers’ habits would reflect different attitudes toward second-hand shopping platforms (compared to male consumers).

        H3-6. The relationship between consumers’ habits and attitudes to re-commerce platforms is moderated by gender.

        Chang et al.(2005) proposed a reference model for adopting online shopping and showed that gender affects attitudes toward users’ willingness to shop online. Meanwhile, Zhou et al.(2007) proposed a similar model, the “Online Shopping Acceptance Model,” which indicates that consumer demographics influence attitudes toward online shopping usage intention. Specifically, several prior studies have revealed the effect of gender differences(Fan & Miao, 2012). Moreover, Merhi et al.(2021) and Chang et al.(2019) showed that the relationship between behavioral intentions for mobile apps and usage intentions was moderated by gender. Similarly, when consumers use re-commerce platforms, men’s attitudes toward second-hand shopping apps may influence their intentions differently compared to women. The following hypothesis is thus proposed:
								

        H3-7. The relationship between consumers’ attitude toward re-commerce platforms and usage intention is moderated by gender.

        Many studies show that consumers shop on re-commerce platforms primarily because of low prices(Huang & Yang, 2010; Padmavathy et al., 2019). This is applicable to men as well as women, as the low price of used products tends to drive second-hand consumers’ purchasing decisions. Frugal buyers spend less on goods as a lifestyle option(Todd & Lawson, 2003). Moreover, it has been demonstrated that frugality is the main factor in second-hand shopping for consumers (Cervellon et al., 2012). These findings are associated with those of Roux and Guiot(2008), which reveal that frugality and price sensitivity are essential for second-hand purchases. Today, many young people with limited budgets—both men and women—cannot invest in what they are enthusiastic about and may tend to spend less than the actual price of products and services (“Three Tips for living”, 2013). Regardless of gender, young people have a favorable attitude toward second-hand platforms owing to price sensitivity and financial constraints(Yan et al., 2015). Chang et al.(2019) and Merhi et al.(2021) revealed that gender has no impact on the effect of price value on attitudes in the UTAUT2. As price value is critical for both male and female consumers, the moderating effect of gender is unlikely to exist. Therefore, to simplify the model, the moderating effect of gender between price value and attitude was removed from our research model.

        The research hypotheses and research model are shown in Fig. 1.

        
          
          

          Fig. 1. 
				
          

          
            Structural model based on the UTAUT2.
          
          

          

        

      

    

    

  
    
      3. Methods
      
        3.1. Instrument development
        This study’s measurement approach is based on prior research. Each measure was adapted from the literature to suit our research context by changing the research object to re-commerce platforms. As the measurement items were originally written in English, our study adopted a forward-backward translation approach to develop the measurement items in the Chinese context. We tested the suitability of the questionnaire in four steps. First, the English items were translated into Chinese. Second, two researchers with experience in second-hand trading helped us evaluate the questionnaire. Third, two scholars confirmed the accuracy of the Chinese questionnaire and translated it back to the English version to assess translation accuracy. Finally, to ensure that no differences remained between the two versions, we invited experts to check these questionnaires.

      

      
        3.2. Measurements
        This study’s objective was to understand the influence of re-commerce factors (i.e., hedonic motivation, price value, social influence, performance expectancy, effort expectancy, consumer habit, and facilitating conditions) on re-commerce platforms’ usage intention, mediated by the attitude toward re-commerce platforms and moderated by gender differences (male versus female). Prior to answering the questions, the respondents viewed a detailed explanation of a re-commerce platform, along with simple examples, on the first page of the questionnaire. This was followed by a screening question to determine whether the respondent had experience with re-commerce platforms. All items were measured by a seven-point Likert scale (1= “strongly disagree,” 7= “strongly agree”). Venkatesh et al.(2012) derived 25 items related to re-commerce platforms (four items each related to effort expectancy, consumer habit, performance expectancy, and facilitating conditions; three items each related to social influence, hedonic motivation, and price value). Attitude toward re-commerce platforms was measured using two items proposed by Davis(1989) and Shin(2010). Furthermore, two items related to the use intention of re-commerce platforms were adapted from Venkatesh et al.(2012). We supplemented and modified the scales verified for reliability and validity in previous research to fit the items in our study.

      

      
        3.3. Sampling and data collection
        We received Institutional Review Board (IRB) approval (No. 2204/003-011) to conduct a quantitative analysis of our research. The WJX research institute in China handled the recruitment of participants. The company (https://www.wjx.cn/) professionally collects data from Chinese websites.

        Survey participants comprised re-commerce platform users who had purchased more than one second-hand item via the platform. Considering the recent growth of the re-commerce market in China, Chinese consumers constitute a suitable sample for this study. The survey began with a screening question regarding the experience of purchasing second-hand goods online or through mobile applications. Those who passed the screening question were asked to recall their most recent experience of second-hand trade. The survey was conducted during April 15–29, 2022. A total of 226 consumer responses were collected and used for analysis. We used SPSS 24.0 to conduct a descriptive statistics analysis and frequency and reliability tests. Confirmatory factor analysis (CFA) and structural equation model (SEM) were conducted using AMOS 24.0. Table 1 presents the demographic information of the survey participants. The total sample comprised 51.8% (117) women and 48.2% (109) men. Approximately 61.5% of respondents were in their 20s and 38.5% were in their 30s. In terms of the purchase frequency (times per year) of second-hand products, participants were evenly assigned to three groups, including less than once a year (35.0%), two to three times a year (30.5%), and more than four times a year (34.5%). For the sales frequency (times per year) of second-hand products, most respondents sold products less than once a year (39.8%), followed by two to three times a year (32.3%), and more than four times a year (27.9%). In addition, the usage period was documented. Most respondents had been using re-commerce platforms for less than 10 months (31.0%), followed by 11-20 months (27.4%), more than 31 months (24.3%), and 21-30 months (17.3%).

        
          Table 1. 
				
          

          
            Respondents’ demographics
          
          

        

        
          
            
              	Items
              	
              	Frequency
              	Percentages (%)
            

          
          
            	Age
            	20s
            	139
            	61.5
          

          
            	30s
            	87
            	38.5
          

          
            	Gender
            	Male
            	109
            	48.2
          

          
            	Female
            	117
            	51.8
          

          
            	Monthly income
																		

																		(CNY)
            	Less than 3,000
            	44
            	19.5
          

          
            	3,000 to 5,999
            	62
            	27.4
          

          
            	6,000 to 8,999
            	45
            	19.9
          

          
            	9,000 to 11,999
            	43
            	19.0
          

          
            	Above 12,000
            	32
            	14.2
          

          
            	SHP purchase
																		

																		frequency
																		

																		(times per year)
            	Zero to one
            	79
            	35.0
          

          
            	Two to three
            	69
            	30.5
          

          
            	More than four
            	78
            	34.5
          

          
            	SHP sale
																		

																		frequency
																		

																		(times per year)
            	Zero to one
            	90
            	39.8
          

          
            	Two to three
            	73
            	32.3
          

          
            	More than four
            	63
            	27.9
          

          
            	Use period
																		

																		(month)
            	Below 10
            	70
            	31.0
          

          
            	11–20
            	62
            	27.4
          

          
            	21–30
            	39
            	17.3
          

          
            	More than 31
            	55
            	24.3
          

        

        
          
            SHP: Second-hand products
          

        

        

      

    

    

  
    
      4. Results
      
        4.1. Measurement validity and reliability
        The Cronbach’s alpha was calculated to test reliability, and CFA was conducted to check the convergent and discriminant validity. According to Nunnally and Bernstein’s(1994) study, the Cronbach’s alpha must exceed 0.70. Based on Bagozzi and Yi(1988), we used CFA to check if the standard factor loadings exceeded 0.70. We also verified whether the average variance extracted values exceeded 0.50, indicating satisfactory composite reliability (Table 2).

        
          Table 2. 
				
          

          
            Confirmatory factor analysis results
          
          

        

        
          
            
              	Construct
              	Items
              	Factor Loadings
              	Cronbach's α
              	AVE
              	CR
            

          
          
            	Performance
																		

																		expectancy
            	Using re-commerce platforms increases my productivity.
            	.725
            	.852
            	.559
            	.818
          

          
            	Using re-commerce platforms helps me accomplish things more quickly.
            	.754
          

          
            	Using re-commerce platforms increases my chances of achieving things that are important to me.
            	.765
          

          
            	I find re-commerce platforms useful in my daily life.
            	.746
          

          
            	Effort
																		

																		expectancy
            	It is easy for me to become skillful at using re-commerce platforms.
            	.879
            	.898
            	.692
            	.892
          

          
            	I find re-commerce platforms easy to use.
            	.821
          

          
            	My interaction with second-hand shopping apps is clear and understandable.
            	.872
          

          
            	Learning how to use re-commerce platforms is easy for me.
            	.749
          

          
            	Social influence
            	People whose opinions that I value prefer that I use re-commerce platforms.
            	.818
            	.902
            	.758
            	.867
          

          
            	People who influence my behavior think that I should use re-commerce platforms.
            	.917
          

          
            	People who are important to me think that I should use re-commerce platforms.
            	.874
          

          
            	Facilitating
																		

																		conditions
            	I can get help from others when I have difficulties using re-commerce platforms.
            	.781
            	.867
            	.620
            	.843
          

          
            	Re-commerce platforms are compatible with other technologies that I use.
            	.808
          

          
            	I have the knowledge necessary to use re-commerce platforms.
            	.783
          

          
            	I have the resources necessary to use re-commerce platforms
            	.778
          

          
            	Hedonic
																		

																		motivation
            	Using re-commerce platforms is very entertaining.
            	.820
            	.881
            	.715
            	.847
          

          
            	Using re-commerce platforms is enjoyable.
            	.893
          

          
            	Using re-commerce platforms is fun.
            	.821
          

          
            	Price value
            	At the current price, re-commerce platforms provide good value.
            	.842
            	.874
            	.701
            	.872
          

          
            	Re-commerce platforms are good value for money.
            	.879
          

          
            	Re-commerce platforms are reasonably priced.
            	.789
          

          
            	Consumer
																		

																		habit
            	Using re-commerce platforms has become natural to me.
            	.791
            	.914
            	.694
            	.786
          

          
            	I must use re-commerce platforms.
            	.788
          

          
            	I am addicted to using re-commerce platforms.
            	.819
          

          
            	The use of re-commerce platforms has become a habit for me.
            	.926
          

          
            	Attitude toward
																		

																		re-commerce
																		

																		platforms
            	The thought of using re-commerce platforms is appealing to me.
            	.836
            	.818
            	.693
            	.807
          

          
            	I have positive feelings toward re-commerce platforms in general.
            	.829
          

          
            	Usage intention
            	I intend to continue using re-commerce platforms in the future.
            	.689
            	.743
            	.622
            	.777
          

          
            	I plan to continue to use re-commerce platforms frequently.
            	.877
          

        

        
          
            
              AVE: Average Variance Extracted; CR: Construct Reliability
            
          

        

        

        As shown in Table 3, the discriminant validity was also acceptable. Moreover, we used the measurement model test, and the goodness-of-fit indexes of the structural equation model indicate suitable model fit (χ2 = 511.092, df =339, p < .001, GF I= .874, NFI = .891, CFI = .960, TLI = .952, RMSEA = .047).

        
          Table 3. 
				
          

          
            Model correlation matrix
          
          

        

        
          
            
              	Factor
              	PE
              	EE
              	SI
              	FC
              	HM
              	PV
              	Habit
              	UI
              	Attitude
            

          
          
            	PE
            	.559a
            	
            	
            	
            	
            	
            	
            	
            	
          

          
            	EE
            	.311b
            	.692
            	
            	
            	
            	
            	
            	
            	
          

          
            	SI
            	.513
            	.103
            	.758
            	
            	
            	
            	
            	
            	
          

          
            	FC
            	.040
            	.061
            	.033
            	.620
            	
            	
            	
            	
            	
          

          
            	HM
            	.489
            	.178
            	.437
            	.086
            	.715
            	
            	
            	
            	
          

          
            	PV
            	.262
            	.157
            	.183
            	.066
            	.428
            	.701
            	
            	
            	
          

          
            	Habit
            	.429
            	.081
            	.408
            	.086
            	.331
            	.181
            	.694
            	
            	
          

          
            	UI
            	.173
            	.029
            	.138
            	.100
            	.081
            	.033
            	.127
            	.622
            	
          

          
            	Attitude
            	.360
            	.198
            	.171
            	.066
            	.468
            	.377
            	.274
            	.205
            	.693
          

        

        
          
            UI: Use intention of re-commerce platforms; SI: Social Influence; PE: Performance Expectancy; EE: Effort Expectancy; PV: Price Value; FC: Facilitating Conditions; Attitude: Attitude toward re-commerce platforms HM: Hedonic Motivation/ a: Values at diagonal (italics) represent the average variance extracted (AVE) of the construct, b: Lower values in the matrix represent the squared correlation coefficient between constructs
          

        

        

      

      
        4.2. Hypothesis testing
        Our study used SEM to determine the association between the seven explanatory variables (i.e., facilitating conditions, effort expectancy, consumer habit, social influence, performance expectancy, hedonic motivation, and price value), attitudes, and usage intention toward re-commerce apps. The results revealed satisfactory model fit (χ2 = 516.332, df = 344, p < .001, CFI = .960, IFI = .960, TLI = .953, NIF = .890, RMSEA = .047). As illustrated in Fig. 2, the SEM test results showed that social influence (β = −.218, p < .05), hedonic motivation (β = .370, p<.001), price value (β = .225, p < .01), performance expectancy (β = .211, p < .1), and consumer habit (β = .194, p < .05) demonstrated a significant effect on the attitude toward re-commerce apps, whereas effort expectancy (β = .093, p = .233) and facilitating conditions (β = .023, p = .722) showed no association with attitude. In addition, the effects of attitude toward re-commerce apps on the intention to use the apps were statistically significant (β = .422, p < .001). Therefore, H1-1, H1-3, H1-5, H1-6, H1-7, and H2 were supported, whereas H1-2 and H1-4 were not supported. Consumers’ effort expectancy measures how easy it is for them to use re-commerce platforms. Nevertheless, our results showed that it is not associated with users’ attitudes toward the platform. Effort expectancy is significant in the early adoption phase and becomes insignificant in the later phase (Szajna, 1996; Venkatesh, 1999). Skoumpopoulou et al.(2018) argued that modern users exhibit high self-efficacy; they firmly believe that they can successfully use new technology, although they have to work hard to learn new techniques and become proficient. The same is true for the younger generation of Chinese users(Meissel & Rubie-Davies, 2016), and this result is consistent with Yang’s(2010) study on mobile shopping. In addition, facilitating conditions refer to the consumers’ perceptions of resources and support when using a second-hand shopping platform. However, it did not improve consumers’ attitudes toward the platform in our study. Facilitating conditions have no significant impact on behavioral intentions, similar to the findings of Crabbe et al.(2009) and Venkatesh et al.(2012). If users do not have the necessary resources and support, they will not use mobile applications(Fadzil, 2017). Moreover, express delivery was unavailable in some regions owing to China’s preventive policies during the COVID-19 pandemic. Furthermore, the pandemic made consumers wary of the used goods’ hygiene, their effect on health, and other related issues(Liu et al., 2022a). Yang and Lee(2022) demonstrated that perceived physical risks affect shared services adoption. Therefore, despite the convenience and diversity of China’s mobile second-hand shopping platforms, users hesitated to buy second-hand products(Xu et al., 2022).

        
          
          

          Fig. 2. 
				
          

          
            Structural equation modeling results.
          
          

          

        

      

      
        4.3. Moderating effect of gender
        Multi-group CFA was used in this study to assess gender differences (male, N = 109; female, N = 117). The configural invariance analysis was conducted to determine the measurement structures’ similarity of gender groups. The model’s goodness-of-fit was satisfactory (χ2 = 998.404, df = 708, p < .001/CFI = 934, IFI = .936, TLI = .924, RMSEA = .043), and all factor loadings exceeded .700. Additionally, measurement invariance was verified by comparing the constrained and unconstrained models. The results revealed that the variance of the chi-square was insignificant, validating the measurement invariance (Δχ2 =26.527, df = 20, p= .149). All potential variables among the gender groups showed identical measurements. Moreover, the multi-group SEM test presented a model with full measurement invariance. As shown in Fig. 3, social influence (β =−.310, p < .05), effort expectancy (β = .318, p < .05), consumer habit (β = .191, p<.1), and hedonic motivation (β = .269, p < .1) had significant effects on attitudes in the male group. Attitudes were strongly associated with the intention to use the platforms (β = .575, p < .001). For women, hedonic motivation (β = .348, p < .05), performance expectancy (β = .436, p < .1), and consumer habit increased (β = .208, p <.05), significantly affecting attitudes, which were associated with the use intention of re-commerce apps (β = .298, p<.01).

        
          
          

          Fig. 3. 
				
          

          
            Structural equation modeling results by gender.
          
          

          

        

        To further investigate the differences between the two groups, each coefficient was compared between the constrained and unconstrained models(Table 4). In terms of the effect of effort expectancy on attitude toward re-commerce platforms, the path differences among gender groups were significant (Δχ2 = 4.017, df = 1, p = .045), and the path coefficient of the male group (β = .318, p < .05) was higher than that of the female group (β=−.062, n.s). Gender is also associated with consumers’ technical efforts (Lee et al., 2010a; Lee et al., 2010b). Chau and Hui(1998) showed that men have a greater tendency to seek novelty and innovation during the early stages of using new technology. This study found that men are more concerned about the technical effort spent on second-hand shopping platforms. Our results are consistent with those of Tsourela and Roumeliotis(2015).

        
          Table 4. 
				
          

          
            Comparison of path coefficients
          
          

        

        
          
            
              	Constrained model (constraint path)
              	Path coefficient
            

            
              	Male
              	Female
              	△χ2
              	
                df
              
              	
                p
              
            

          
          
            	Path
            	Performance Expectancy → Attitude toward re-commerce platforms
            	.022
            	.436†
            	1.625
            	1
            	.202
          

          
            	Effort Expectancy → Attitude toward re-commerce platforms
            	.318*
            	−.062
            	4.017
            	1
            	.045
          

          
            	Social Influence → Attitude toward re-commerce platforms
            	−.310*
            	−.138
            	.606
            	1
            	.436
          

          
            	Facilitating Conditions → Attitude toward re-commerce platforms
            	−.001
            	.042
            	.008
            	1
            	.930
          

          
            	Hedonic Motivation → Attitude toward re-commerce platforms
            	.269†
            	.348*
            	.001
            	1
            	.987
          

          
            	Consumer Habit → Attitude toward re-commerce platforms
            	.191†
            	.208*
            	.159
            	1
            	.690
          

          
            	Attitude toward re-commerce platforms → Use Intention
            	.575***
            	.298**
            	4.693
            	1
            	.030
          

        

        
          
            †p < .1, *p < .05, **p < .01, ***p < .001
          

        

        

        Moreover, the path differences among gender groups regarding the relationship between attitude toward re-commerce platforms and use intention were also significant (Δχ2 = 4.693, df = 1, p = .030), and the path coefficient of the male group (β = .575, p < .001) was higher than that of the female group (β = .298, p < .01). Nysveen et al.(2005) pointed out that attitudes toward mobile services and other technologies are mainly instrumental. Moreover, compared to women, men are generally considered more instrumental, goal-oriented, and driven by extrinsic motivation. Our results are consistent with those of Nysveen et al.(2005), who found that attitudes more strongly affect the intentions of male users.

        Regarding the effect of facilitating conditions, performance expectancy, consumer habit, social influence, and hedonic motivation on attitudes toward re-commerce platform usage, the path differences among gender groups were insignificant.

        This study revealed that performance expectancy significantly influenced platform attitudes; however, no gender differences were found. Regardless of gender, those with high-performance expectations of platform use are more willing to use the platform than those with lower performance expectations. Previous researchers have argued that individuals enjoy challenges and have positive attitudes when challenges and skills are aligned(Woszczynski et al., 2002). In addition, social influence had a negative impact on attitudes; however, no gender differences were found. This is related to China’s cultural characteristics. Regardless of gender, young Chinese people pay more attention to “face-related issues” (shame, embarrassment, etc.) in society(Lang & Zhang, 2019). Although hedonic motivation and habit significantly impacted attitudes, no gender differences were found. This implies that both men and women have better attitudes toward platforms as long as they perceive higher hedonic motivation and higher levels of habituation. Users with more experience believe that using second-hand platforms should be associated with hedonic motivation(Jain et al., 2022). The accumulation of experience facilitates a harmonious relationship between the user’s habits and attitude toward the platform. Accordingly, users are more likely to have Internet access and spend more time online(Chang et al., 2019). Facilitating conditions did not affect consumers' attitudes, and no gender differences were found. Moreover, our survey was conducted during the COVID-19 pandemic, and consumers tended to worry about hygiene and other health-related issues (Liu et al., 2022a).

      

    

    

  
    
      5. Discussion and Conclusions
      Our study determined how the influence of different factors (i.e., effort expectancy, facilitating conditions, price value, consumer habit, hedonic motivation, performance expectancy, and social influence) is mediated by consumer attitudes toward re-commerce platform usage. Moreover, it explored the moderating effect of gender in platform usage. Our findings showed that second-hand online shopping attitudes are positively influenced by price value, hedonic motivation, performance expectancy, and consumer habit. In contrast, social influence has a negative impact on attitude. The results of attitude toward re-commerce platforms on the intention of using these platforms were statistically significant. When users perceive higher performance expectations, their attitudes toward second-hand shopping platforms also improve because of higher shopping efficiency(Tak & Panwar, 2017). Consumers tend to use re-commerce platforms when they perceive a high degree of price value, consumer habit, and hedonic motivation. For hedonic motivation, using re-commerce platforms can be considered fun. Consumers pay more attention to their perceived emotions during usage, and this feeling motivates them to use this platform to buy or sell goods more frequently(Zhou & Tong, 2022).

      Regarding price value, used goods marketplace platforms are reasonably priced and offer good value for users’ money. Consumers use re-commerce platforms for excellent value and time efficiency(Zanzalari, 2022). Regarding consumer habits, re-commerce platform usage is habitual for some customers. They are also addicted to using these apps. Thus, using re-commerce platforms comes naturally to them(“How online marketplaces”, 2021). Finally, the attitude toward re-commerce platforms influences the use intention of said platforms, leading consumers to develop positive feelings toward their continuous use. Moreover, social influence negatively affects consumers’ attitudes. This perspective supports the results of Silva et al.(2021), and Cervellon et al. (2012); when consumers use second-hand platforms to buy pre-owned goods, they do not want the people around them to focus on their purchase mechanism. On the contrary, if the people close to them want them to use the second-hand platform, they reject this behavior. Therefore, when they obtain second-hand goods through e-commerce platforms, they express anxiety and fear about the image being conveyed to those around them(Boardman et al., 2022). This study’s results confirmed these views. Contrary to our expectations, effort expectancy did not affect consumer attitudes toward the use of second-hand shopping apps. These findings are consistent with the results of Yang(2010) and Skoumpopoulou et al.(2018). This may be because the young Chinese generation believes that they can successfully use new technology and maintain high self-efficacy. Facilitating conditions also did not significantly affect attitudes toward using second-hand shopping apps. Moreover, as our survey was conducted during the COVID-19 outbreak, consumers were concerned about hygiene and aspects of China’s pandemic prevention policy (Liu et al., 2022a). In this case, users did not have a positive attitude toward re-commerce platforms (Xu et al., 2022).

      Regarding the moderating effect of gender differences, this study demonstrated the impact of effort expectancy on attitude and that of attitude on use intention; Only two paths showed different characteristics between the two gender groups. Men are more inclined to use second-hand platforms than women(Crobox Team, 2019). The study reveals two reasons for the same. First, men’s consumption has become more rational, and high-quality and inexpensive products have become popular(Sladek et al., 2010); because re-commerce platforms provide quality inspection, quality assurance, and after-sales services, men have become more accepting of second-hand transactions than women. This study found that men are more concerned about the technical effort spent on second-hand shopping platforms. Our results are consistent with those of Tsourela and Roumeliotis(2015). Therefore, second-hand shopping platform developers should provide user-friendly interfaces, voice recognition, and other functions(Tsourela & Roumeliotis, 2015). Our study demonstrated the significant effect of social influence, hedonic motivation, consumer habit, and performance expectancy on attitudes; however, no gender differences were observed. Woszczynski et al.(2002) argued that individuals enjoy challenges and perceived positive attitudes when challenges and skills are matched. Regardless of gender, social influence was found to be related to China’s cultural characteristics. Young Chinese people pay more attention to “face-related issues” in society. Furthermore, consumers with more experience tend to believe that using second-hand platforms should be associated with hedonic motivation (Jain et al., 2022). Moreover, as platform users gain experience, they are more likely to access and spend time online(Chang et al., 2019). Facilitating conditions did not affect consumers’ attitudes, and no gender differences were observed.

      This study contributes to the literature by providing three critical insights regarding used goods marketplace platforms. First, our study explains why the seven constructs of re-commerce platforms influence attitudes toward used goods marketplace platforms and usage intention based on the UTAUT2 perspective. Compared to traditional social commerce, many aspects of second-hand trade have changed and remain unexplained. Based on prior research, we examined the technical features and customers’ perceptions based on the UTAUT2 model. In addition, our study defined the attitude toward second-hand shopping platforms as the mediating influence for customer usage intention. As a result, we found that several features (including consumer habit, hedonic motivation, and price value) can affect usage intention through attitudes toward these platforms. Therefore, this study offers a theoretical basis for future analyses of second-hand trade. Second, this study adopts the lens of the UTAUT2 model and considers re-commerce platforms in second-hand commerce, which is a novel perspective. Our study provides seven attributes based on the UTAUT2 model in used goods marketplace platform usage. This perspective can help readers develop a deeper understanding of MZ generation consumers’ attitudes and actions toward second-hand commerce, an aspect that differs from previous studies(Liang & Xu, 2018). Third, our study highlights some key insights derived from the comparisons between women and men, which contribute to understanding how different gender groups use re-commerce platforms and why these differences exist.

      Re-commerce platforms in China are convenient and improve transactional efficiency. They also enable people to exchange products. By allowing users to easily buy and sell used goods, they encourage a more circular economy and reduce the need for new products(Wang et al., 2022). They also allow buyers and sellers to connect more easily. Online retailers and platform managers can use this study’s findings to create better marketing strategies that emphasize the features and services that their customers most value. Consumers are influenced by hedonic attributes, prices, platform technology, and their habits. Re-commerce platforms should be designed to enhance users’ enjoyment. Developers can connect social networking sites with their platforms, facilitating mobile word-of-mouth marketing(Tak & Panwar, 2017). Additionally, marketers can promote users’ app use habits by offering various coupon deals and better benefits than other platforms. Our study reveals that MZ generation users are driven to use re-commerce platforms because of the associated benefits. Technology-driven innovations can make user interfaces more user-friendly, resulting in higher profits for marketers and developers as usage increases.

      However, this study has two limitations that must be noted. First, it mainly focuses on consumers’ unique experiences in China, making it difficult to generalize the findings to other countries. Second, as a general analysis of used goods marketplace platforms, our study did not determine different factors or product-related aspects as essential insights. Thus, to gain a more comprehensive view of the used goods market, future research should explore the factors that influence consumers’ behavior and their usage of used goods marketplace platforms.
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